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Abstract

Visual object tracking is an important research in computer vision field, with a range of applica-
tions such as autonomous driving, video surveillance, human-computer interaction, medical di-
agnosis, etc. With the rise of deep learning, neural networks have been employed in the main-
stream frameworks for visual object tracking. Among them, the methods built on architecture of
Siamese networks have shown excellent tracking performance. In this paper, we will investigate
the effects of different interference and network structures on target tracking performance based
on Siamese networks.
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Figure 1. Siamese network framework diagram
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A F R ILSVRC2015-VID $fE 5 B 2k I RER R, ZEAREAE T 30 NN 44
AN, YIRS 4500 NS, SILAEE 100 AR
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Figure 2. Siamese network tracking experiment results
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T EIFHER 5T Siamese FYZ%ERE, FRH Siamese M4 HIFEAERIZ% AlexNet ] VggNet HEAT % e,
Fil o AR B e — R 4% A JCRZ BF(RF) 2P K (STR) HRREH RS (OFS) & 6 A iE AT 56, SRis
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Table 1. Correspondence table of Siamese network influencing factors

%% 1. Siamese PI4&SZ0 (X F XF RN 3=

RF 127 111 103 103 103 95 87 87 79

STR 8 8 8 16 4 8 8 8 8

OFS 1 3 4 2 7 5 6 16 7
Siamese (AlexNet) 0.561 0.572 0.582 0.553 0.585 0.587 0.589 0.553 0.579
Siamese (VggNet) 0.569 0.574 0.578 0.542 0.581 0.591 0.592 0.561 0.580

Wi 1 e LA N S5k

1) HMZPHR(STR)M 4 B4 2 8 53 16 i, PERERAE AT, U] Siamese P48 7 BRI I 5 3& B
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2) M2 BT (RF)E S5 AFEA 60%~80% 1115 3 K /N R B, R B2 BF B AR e 7 6 o &2 RS
B AHE S SEERIUNRHEX B AR IAL EABUR, 1R 8 /N SR s 2 B GEE, H
I, R AR N KN AT IR

3) Ml RFIE R~ (OFS)/NT 3 B, HITHRAE A/ N = H AR 2 (R G5 MR, B e TH R MR A AU
FERAFafE, Rk, BRESHE FR%.

5. 45

AL Siamese W45y ELAl, EFXTE A3 5T AR R AT T RIRERER, WHAL T AR 4 45 i
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