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Abstract

For the deployment of mass terminals in various scenarios, this paper designs a set of mass data
acquisition and real-time analysis system. In the data acquisition module, with the help of Kafka
message queue, the high concurrent access of data is realized; in the data analysis module, with
the help of the big data stream processing system storm, the real-time data processing is realized
on the premise of high reliability, and through the corresponding optimization design, the high
concurrent access and data processing requirements of massive terminals accessing the network
are solved; through the visual design and experimental verification, the effectiveness of this me-
thod, the system has the characteristics of low latency, high throughput, scalability, and can meet
the requirements of massive data processing in the Internet of vehicles, which has strong practical
value. At present, the method proposed in this paper has been applied in the actual scene, provid-
ing services for more than 200,000 BD-based positioning terminals.
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Figure 1. System architecture module diagram
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Figure 2. Cache forwarding architecture
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Figure 3. Real time topology analysis based on Storm
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Figure 4. Receiving fore-end optimization flow chart
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Figure 5. Visualization of function experiment
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