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Abstract

Path optimization is the core problem in the field of intelligent transportation. A reasonable path
can effectively improve transportation efficiency and save time and cost. Based on the analysis of
the characteristics of continuous Hopfield neural network and discrete Hopfield neural network, a
path planning method based on continuous Hopfield neural network is designed for UAV route
planning. Firstly, the structure of neural network is explained. Secondly, the energy function is in-
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troduced to define the stability of neural network. And then map the objective function to the
energy function, and correspond the variable of the problem to the state of the neuron. When the
value of the energy function tends to the minimum, the optimal solution of the objective function
is obtained immediately. Finally, the optimal solution is obtained through the simulation of an
example, the results show that the proposed method is effective and practical.
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Figure 1. Topology structure of CHNN
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