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Abstract

Although the image style transfer technology is constantly developing, there is still much room for
improvement in the effect of image style transfer. In order to make the image have similar color
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characteristics with the target style image after the style transfer, this paper introduces a color-
quantity-criteria defined by the DBSCAN (Density-Based Spatial Clustering of Application with
Noise) clustering algorithm. The transfer model is designed based on the GAN (Generative Adver-
sarial Network). The color-quantity-loss-function is used to constrain the training of the model, so
that the generated image is closer to the style image in the number of colors. The experimental
results show that the image style transfer effect of the proposed algorithm is better improved, and
the generated image not only has the characteristics of the original style image in color but also
has more stereoscopic visual effect.
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Figure 1. Model generation effect comparison chart
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Figure 2. Pixel number distribution comparison chart
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Figure 3. Comparison chart of cluster number distribution
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Table 1. SSIM value comparison of model generated renderings
1 REE AR ER) SSIM EXTEE

FEAR YR A~Ji DBSCAN (SSIM) Jin DBSCAN (SSIM)
1 0.4169 0.4220
2 0.3984 0.3999
3 0.4741 0.4751
4 0.5377 0.5511
5 0.4103 0.4162
S 0.4475 0.45286
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