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Abstract

Lane line detection is a basic task in the field of autonomous driving. Current state-of-the-art me-
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thods mainly treat lane detection as a problem of pixel-by-pixel segmentation. As an intensive
prediction task, lane line detection requires a large amount of calculation. So the speed of predic-
tion is relatively slow. But as a subtask of autonomous driving, the real-time is an important re-
quirement. Therefore, we propose an extremely lightweight side guide detection model to achieve
real-time lane line detection. And for the problem of reduced dependence between features caused
by the convolutional network in the feature extraction process, we introduce a two-dimensional
self-attention mechanism to solve this problem. A large number of experiments on existing lane
detection benchmark data sets show that our method can achieve competitive performance in
terms of speed and accuracy.
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Figure 1. The model framework
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Figure 2. The attention module
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Table 1. Performance comparison results of the algorithm in this paper and other algorithms
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Figure 3. Visualize lane line detection results
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