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Abstract

In this paper, the depth three-dimensional coordinates of key bone points are used in the descrip-
tion of human action, and the human action is described through the position coordinate rela-
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tionship of each joint point. Further, a depth information hidden Markov model is trained for each
kind of human action, which solves the problem of partial occlusion of human action to a certain
extent. The training samples are encoded with reference to the obtained database, the corres-
ponding parameter model is obtained through hidden Markov model training, and the model ob-
tained through training is verified and tested. The experimental results show that this method has
the advantage of high accuracy.
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Figure 1. Three dimensional view of human skeleton
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Table 1. Confusion matrix of human motion recognition in this paper
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Table 2. Human motion recognition confusion matrix of traditional K-means
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Table 3. Confusion matrix of human motion recognition in this paper
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Table 4. Algorithm comparison
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