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Abstract

With the improvement of the level of life, more and more people will travel by airplane. For the
same route, people can choose it from multiple airlines’ flights, which makes the competition
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among airlines. How to keep customers and increase the number of customers has been a problem
that airlines need to solve, and customer relation management (CRM) is the basic task. CRM needs
to classify customers into multiple categories based on their characteristics. This study will adjust
and improve LRFMC model based on the data of airline customers. In order to reduce the cova-
riance in LRFMC model, the new model is constructed by replacing the index of total kilometers
with average kilometers per flight and adding average fare per kilometer. The weights of each in-
dicator in the new model are calculated by using Analytic Hierarchy Process (AHP), and finally the
customers’ data are classified by K-Means algorithm. Based on the results of classification, airlines
can adopt different approaches and strategies for customers with different values to improve
revenue.
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Figure 1. Distribution of the customers’ age
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Figure 2. Distribution of the number of members each year
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Figure 3. Correlation matrix of variables
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Table 1. Data range of LRFPMD indicators
# 1. LRFPMD BB EESEE

EEEZ) FHE i ZE BMA EON ]
L 1485.0970 847.3269 365 3437
R 172.3647 181.4881 1 731
F 11.9936 14.1333 2 213
P 0.8902 0.2733 0.0221 8.4127
M 1583.3879 1128.1624 184 13,3205
0.7220 0.1847 0.1360 15
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Table 2. Judgment matrix of LRFPMD
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L 1 1 1/3 1/4 1/5 1/2
1R 1 1 1/3 1/4 1/5 1/2

F 3 3 1 172 1/3 2

P 4 4 2 1 1/2 3

M 5 5 3 2 1 4

2 2 1/2 1/3 1/4 1
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Figure 4. Determine the value of K by Elbow Rule
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