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Abstract
With the expansion of the development project volume, the member capacity of the software de-
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velopment project team gradually increases, and the data transmission and file exchange are more
frequent. Because the project development needs a certain amount of security, in many projects,
generally do not choose some public even communication software. At the same time, in the
process of file transmission, but also need to pursue the transmission speed and capacity, so some
network disk software can not well meet the needs. In some big data analysis projects, it is also
necessary to refer to the computer hardware configuration for rationalization allocation. In view
of the above problems, this scheme puts forward a set of task decomposition and push measures,
through the account information encryption, the function realizes personal and project security
protection, enabling users to customize transmission objectives and choose transfer space ac-
cording to personal needs. For files with different timeliness, the system has set up a short-term
file processing recycle bin to regularly reduce the burden of the server. The performance of dif-
ferent configurations is analyzed and the optimal solution for task distribution is presented.
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Figure 1. Scheme implementation process
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