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Abstract

Aiming at the disadvantages that current network intrusion detection systems have high false
alarm rate and missing alarm rate when identifying new types of intrusion, new optimization
technology and machine learning technology are applied to network intrusion detection, and an
intelligent network intrusion detection model is designed in this paper. Simulation results show
that the model designed in this paper is effective, and has better ability to identify new types of
network attacks, provides a design idea for developing new network intrusion detection system.
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Figure 1. Algorithm procedure of k-means
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Figure 2. Algorithm procedure of QEA
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Figure 3. Framework of network intrusion detection model
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