Computer Science and Application & AHLFI2# 5N, 2023, 13(4), 754-763 Hans Y
Published Online April 2023 in Hans. https://www.hanspub.org/journal/csa
https://doi.org/10.12677/csa.2023.134074

ETRRIH STE XN R RE AR F R
ViR

4R, 2 K
PN K5 BLRE b, Y96 M

Woks . 202343150 FHER: 20234F4H13H; & HI: 20234F4H20H

HE

EEER, DUMIEAARR B OB AAF & IEFEEARBTRAA AT AT, AMTEREERET 6 ERRECK
MR BREHMENGED, WTAXERE D PRIEMMERBRME B MU ARRER BRI &
SCRH T —METRH RS E GRS BB E. RITKTERIA K2 2R
WREEER, HETHRITEBNTEWE T MIEIORIE RIS, RN 5B R FICRE et AT
H R XHITESCGRNSE . AT BAEZ I EERA Rk, BRATEMIZE B ARG 5% T e il 4 B 9P
WE B0 % MG A, FEREIRE LT T L. LRERRY, SEANETHRFERKTEM
bt AT B B SE e AR AR A SE AR R BRI, IETH £ AN h AR B R BIEER R 0 BiE E) T 79.4%-
82.5%. 77.3%. ZiLEFTIE, ASCRHKETHBELSEGINENHIECA BRI T ERE R
KIHERPERIZALRE 71, BB ROBRBIBIBSCA T HIER, FEANHAME.

XK ia
RREAT, MIESCAR, HBRER, MN%E

Sentiment Analysis of Microblog
Text Based on Sentiment
Dictionary and Semantic

Rule Set

Weixian Wang, Jun Wu

College of Information Engineering, Yangzhou University, Yangzhou Jiangsu

Received: Mar. 15”’, 2023; accepted: Apr. 13”’, 2023; published: Apr. 20th, 2023

NEFIH: EFRE, RR. TR M5 E SOR &R RIS SOR T R0 tHEALREE SR, 2023, 13(4):
754-763. DOI: 10.12677/csa.2023.134074


https://www.hanspub.org/journal/csa
https://doi.org/10.12677/csa.2023.134074
https://doi.org/10.12677/csa.2023.134074
https://www.hanspub.org/

EH%, RKR

Abstract

In recent years, Chinese media platforms represented by microblog have been increasingly integrated
into people’s lives. People express their views, feelings and other subjective information on these
platforms every day. How to extract valuable sentimental information from this information and make
use of it is called sentiment analysis. In this paper, a sentiment analysis method based on sentiment
dictionary and semantic rule set is proposed. Our method combines several existing basic sentiment
dictionaries and constructs a microblog domain sentiment dictionary based on statistical information.
At the same time, considering the semantic characteristics of Chinese language, we add a custom se-
mantic rule set. In order to verify the effectiveness of this method, we used web crawler technology
to obtain a total of 100,000 microblog comments on COVID-19, and conducted experiments on
this data set. The experimental results show that compared with the traditional sentiment dictio-
nary-based method, our method has higher accuracy and more stable performance, and the accu-
racy rate of positive, negative and neutral sentiment recognition reaches 79.4%, 82.5% and 77.3%,
respectively. In conclusion, the sentiment analysis method based on sentiment dictionary and seman-
tic rule set proposed in this paper has high accuracy and generalization ability, and can effectively
identify the sentiment in microblog, and has application value.
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Figure 1. Experimental data sample
B 1. SLIeHHERA

' o '
[ P R G o I Y G

2.2. BuETALIE
B RE B R BRI AREYE, S KEMES, W EMESR IR, T 2 P e A ELR

DOI: 10.12677/csa.2023.134074 756 R HURLE 5 R


https://doi.org/10.12677/csa.2023.134074

TR, RR

[ JEHS Wikz: 5 e i & sz 5
e BORR m ’ 1 PMﬂ BORR

Figure 2. Data preprocessing process
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Figure 3. Flow chart of construction of microblog neologism dictionary
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Figure 4. Examples of declarative and exclamatory sen-
tences
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Figure 5. Examples of rhetorical question
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Table 3. Examples of related words
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Table 4. Accuracy rate of sentiment analysis of microblog text data under three different methods

4 SRR AT MIE A RREETRRS TR ERE

B i) g % Y15 Ik 1] g Z Yt A 5 1 e SR
ETH 60.10% 73.10% 79.40%
i) 62.40% 75.80% 82.50%
s 58.30% 71.20% 77.30%

Table 5. Recall rate of sentiment analysis of microblog text data under three different methods

=5 SRR AT HMECARELETRRS AR

B 175 ] g % i1 IRk S 2 N IR LS 1 SR
ngii] 58.70% 69.20% 77.40%
i) 63.10% 76.70% 83.20%
i 65.60% 78.40% 81.60%
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Table 6. F1 value of sentiment analysis of microblog text data under three different methods
6. ZMAEGE TN RIE X ABIRHEITIER SR F1E

Btk k] 2 Y15 Ik 1] g Z Yt A 5 1 e SR
ETH 60.70% 73.10% 80.20%
i) 62.30% 75.60% 83.70%
i 59.20% 71.70% 75.40%

SERITE B (4 S ST LU A9 SCHR HH O T 4 5 9 2 SO SR A 43 7
AT — SRR, AT A PR AR A BT 2 P — BRI R S SR b, ik
AR SO SO 1 R A VLR R, TS ph T A SOR I T BT i B g, L b B L
REFTARAFIOTE . BEAh, I B b SCSCAE SO AR e, PUATISCRE, BEAMM (I BT i
HE— AT, RSO RAORE U, RATVREAGN, IR G M — AT A BT, b
MR . 4[5 5 A=A 0T 43T 904 SCHR 4 7 5 L R i 35 R
4. D&

FEAWE T, BATFE 1Pl 2 TRl SRS 0538, A RBISOR I IR i Al
PERG RS E o SR8 A A MR R R 5 7 7 e 1 I B SR EAT K, 4 DUE ROWT U 45 R 5 AT Fe 2
7T EAT OB RO AR T, R SRR SRR b, N TR RO R A S R e, R E
SCT & & SOOI SRR, 3 7 SO RGR B I HER 5 .

F 4y 5y 46 IR AT ST T T SOOI SO, X HE B, AT O R R ik
TR T, 8 ) 2 155 JR] 10 77 9 D0 T o P R i 19 IR SR T i RIS, IS S T
SCAS (35 5 R SE SO RN S A5 7] A ROt SR T i R S R M HERA 5 . 8 IR T fERf R A RE T b, A
RO T TTVEAEIE T S S A P SO R B A R 20 I B T 79.4% . 82.5%. 77.3%.

4T AR AR BRAE K A 2 K AR SR ATE 72 07 T S5 00 -

o W E N THIWOE R BAATE 98, TAEERK.
o RFEIERNEFTSAELERVFIR T BGB A Bm L, R SRR 5 FER R AT 5 B M N 307, I BIH

A
o MNTAFEMIEMME, SO EHRBAATERIEH S ATREA T, N2 B 1 ) 2 B A R -

ALY B AT R O SOA, SEBr E R RMZE-F 6 ERSCAREE T RERFREE, AR
M5 0 A 12 R B S A A SR K2 TR — D B U A

SE

[1] =, 7536, 7. BT Python FREBNRIE A P 8RR ES /T[] W5k LFE, 2019, 27(20): 157-160+165.
[2] Mohammad, S.M., Kiritchenko, S. and Zhu, X. (2013) NRC-Canada: Building the State-of-the-Art in Sentiment Anal-
ysis of Tweets. ArXiv: 1308.6242.

[3] Mohammad, S.M. and Turney, P.D. (2013) Crowdsourcing a Word-Emotion Association Lexicon. Computational In-
telligence, 29, 436-465. https://doi.org/10.1111/].1467-8640.2012.00460.x

[4] Devlin, J., Chang, M.W., Lee, K., et al. (2018) BERT: Pre-Training of Deep Bidirectional Transformers for Language
Understanding. ArXiv: 1810.04805.

[5]1 Yang, Z., Dai, Z., Yang, Y., et al. (2019) XLNet: Generalized Autoregressive Pretraining for Language Understanding.
Proceedings of the 33rd International Conference on Neural Information Processing Systems, Vancouver, 8-14 De-
cember 2019, 5753-5763.

DOI: 10.12677/csa.2023.134074 762 HENLIRE 55


https://doi.org/10.12677/csa.2023.134074
https://doi.org/10.1111/j.1467-8640.2012.00460.x

TR, RR

(6]
(7]
(8]
(9]

[10]
[11]
[12]
[13]

[14]
[15]
[16]

RIS, X5, FIERS, 55 2T HowNet MRV G U &[], *h (S B4, 2006, 20(1): 14-20.
FEM, K, B, S TR SO AT A e ) ) ] R oCfE B AR, 2009, 23(5): 68-74.
X%, B3, KA, 5 BT RGP ZE IR % A e 1 AT [3]. 0SS AR AR, 2015, 29(6): 159-165.

A, BE. Hlass o1 58 ORI R RS 2y 2607 [3]. AERUR 2222 (B R B2 RR), 2017, 53(2):
247-254.

VM. T 2 RRIERL G IO S B AT AT 7T [D]: [ L4008 5], AEAR: AEARHL PR 2, 2019.
T1E, B, SCRTEEOITTEM R SR []. HHENL T2 SR, 2021, 57(12): 11-24.
RN, g, T 2 0 A MU ) R 1 o SCIE R A AT AR [0]. THEALRLA S5 3, 2019, 36(9): 93-99.

WOLEE, KW, FHHOR. FETE EREY o 1 SR s R A [EB/OL). tFENL TRE S M 1-13.
http://kns.cnki.net/kcms/detail/11.2127.TP.20221128.0932.010.html, 2022-11-18.

EARM, AN, BRISK, 2. A E RS AL R BRI AL 8 B TR K2R EH, 2021, 22(3): 326-330.
IRREE, L. G5ATE T ARG 22 ) B b SOCARTR IR A v [3]. K&, 2022, 8(3): 115-127.
Ji & Pl M. dbal EHOREF AR, 2016.

DOI: 10.12677/csa.2023.134074 763 THEAURF 5 R


https://doi.org/10.12677/csa.2023.134074
http://kns.cnki.net/kcms/detail/11.2127.TP.20221128.0932.010.html

	基于情感词典与语义规则集的微博文本情感分析
	摘  要
	关键词
	Sentiment Analysis of MicroblogText Based on Sentiment Dictionary and Semantic Rule Set
	Abstract
	Keywords
	1. 引言
	2. 方法
	2.1. 数据集
	2.2. 数据预处理
	2.3. 构建基础情感词典
	2.4. 构建微博新词情感词典
	2.5. 文本情感极性判断规则
	2.5.1. 词组合规则
	2.5.2. 句型规则
	2.5.3. 句间规则
	2.5.4. 综合情感极性判断


	3. 实验
	3.1. 实验设置
	3.2. 实验结果与分析

	4. 总结
	参考文献

