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Abstract

Landslides are a common natural disaster that poses a serious threat to human life and property
safety. In order to obtain valuable information hidden in massive landslide monitoring data, data
mining technology based on association rules has been widely applied in the field of landslide
monitoring. This article takes the observation data of the Zhamulongba landslide in southeastern
Tibet from 2016 to 2019 as the research object. By mining association rules in landslide monitor-
ing data, the correlation between different variables is identified, and these association rules are
used for landslide monitoring and prediction. Firstly, the principle of Apriori algorithm was in-
troduced. Then, K-means algorithm was used to cluster several types of landslide monitoring data,
and Apriori algorithm was applied to the research dataset for rule mining and analysis. The cor-
relation between rainfall and groundwater level changes and landslides was found, and meaning-
ful rule information was obtained to understand the mechanism and laws of landslide occurrence,
helping us better understand and respond to landslide disasters.
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Figure 1. Apriori algorithm flowchart
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Table 1. List of types of influencing factors
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Figure 2. Association rule scatter chart
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Figure 3. Association rule parallel coordinate graph
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Table 2. Association rule table
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