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Abstract

The sales volume of commodities is often affected by a variety of factors, and these factors need to
be taken into account when conducting sales volume forecasting. The traditional ARIMA model for
sales forecasting only considers the linear factors of time series and ignores some nonlinear fac-
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tors. In this paper, we take the daily sales volume of refrigerated yogurt as the research object,
and explore the accuracy of the ARIMA model prediction by adding non-linear factors such as hol-
idays. Specifically, this paper firstly extracts the data of daily sales of refrigerated yogurt in 2021
and applies the BIC value to select the parameters of the ARIMA model, and then experimentally
evaluates and compares the ARIMA model with nonlinear factors such as holidays, the ordinary
ARIMA model, and the combined ARIMA + SVM model. The experimental results show that com-
pared with the ordinary ARIMA model and the current popular combination model, the ARIMA
model with nonlinear factors is more accurate in predicting results. The research results are of
great reference significance for the practical application of refrigerated yogurt sales forecasting
and related research.
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Figure 1. Yogurt sales statistics chart
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Table 1. Results of ADF test
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WiH t @it E P
ADF 54ttt i —4.123890 0.000884
1% %5 3 1K —3.449227
5% i 3 11 /KT —2.869857
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Figure 2. ARIMA model prediction results with the inclusion of nonlinear factors
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Figure 3. Combined ARIMA + SVM model prediction results
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Figure 4. Ordinary ARIMA model prediction results
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Table 2. Results of model error evaluation
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