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Abstract

Image dehazing has always been a highly challenging subject. This paper presents improvements to
the cycle-consistent generative adversarial network (CycleGAN). The generator module of Cy-
cleGAN incorporates an MB-Taylor Former network, which is a linear Transformer based on Taylor
expansion, effectively addressing the quadratic computational complexity of the attention mecha-
nism. Additionally, it uses convolutions of varying sizes in combination with depthwise separable
convolutions and deformable convolutions to perform multi-scale marking, thereby enhancing
dehazing capabilities. Experiments demonstrate that the performance of image dehazing tasks is
effectively improved following the enhancement of the algorithm.
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Figure 1. Network architecture of CycleGAN
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Figure 2. Overall architecture of generator
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Figure 3. Architecture of multi-scale patch embedding
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Figure 4. Architecture of taylor expanded multi-head self-attention
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Figure S. Architecture of discriminator
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Figure 6. Results of comparison experiment
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