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Abstract

With the aging of society, the demand for digital applications, especially in health management and
psychological care, has significantly increased among the elderly. However, existing music applica-
tions are unable to meet these special needs. This study developed an Android music app specifi-
cally designed for elderly users, aiming to improve user experience through a simple and intuitive
interface and convenient operation. The innovation lies in utilizing artificial intelligence and ma-
chine learning technology to achieve personalized music recommendation and cognitive training,
helping elderly users with memory recall and emotional expression. The application integrates

ES| M R, WEOREY, EDL, IMEE. BT AR AL T AR APP BT S ALAD]. THEELRL S SR, 2024,
14(11): 39-44. DOI: 10.12677/csa.2024.1411214


https://www.hanspub.org/journal/csa
https://doi.org/10.12677/csa.2024.1411214
https://doi.org/10.12677/csa.2024.1411214
https://www.hanspub.org/

FHER 4

health reminders and music therapy functions, supports scheduled health exercises and water re-
minders, thereby improving users’ quality of life. This study not only improves the application ex-
perience of elderly users, but also explores new possibilities for smart devices in new application
scenarios in an aging society, reflecting the deep integration of technological progress and human-
istic care.
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Figure 1. System framework diagram
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