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Abstract

Current virtual machine scheduling in cloud desktop systems suffers from issues such as low effi-
ciency, suboptimal resource utilization, and poor user experience. In response to these challenges,
a virtual machine scheduling optimization algorithm based on load prediction and dynamic adjust-
ment is proposed. Firstly, a load prediction model is used to forecast the load of virtual machines in
the near future. Then, dynamic adjustment strategies, including virtual machine migration and re-
source adjustment, are employed to achieve rational resource allocation and utilization. Experimental
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results demonstrate that this algorithm can enhance the overall performance and user experience
of cloud desktop systems.
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Figure 1. Dynamic virtual machine scheduling algorithm
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Figure 2. Comparison of RMSE and MAE of three prediction algorithms
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Figure 3. Comparison of latency of three migration algorithms
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Figure 4. Comparison of resource usage (CPU, memory and network bandwidth) of three migration algorithms
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