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Abstract

A multilabel text classification method based on fusion attention mechanism is proposed to address
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the problem of insufficient classification accuracy and generalization ability caused by traditional
multi label text classification methods ignoring the deep semantic information of label relevance and
text features. Firstly, a deep learning model was constructed to enhance its ability to extract key in-
formation from text through algorithm design and the integration of attention mechanisms. In terms
of model optimization, the combination of label importance weighting and multi task learning has
further improved the model performance through loss function design. To verify the effectiveness
of the proposed method, experiments were conducted on two datasets, Reuters-21578 and RCV1-
v2, to compare the proposed model with existing models. The experimental results show that the
multi label text classification method based on fusion attention mechanism has significant improve-
ments in accuracy, recall, F1 value and other indicators compared to traditional multi label text
classification methods. It can better handle the complex semantics and dependency relationships
between labels in the text, demonstrate higher classification accuracy and generalization ability,
and provide new perspectives and solutions for multi label text classification research.
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Table 1. Comparison of results on Reuters-21578 (%)
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Table 3. Results of ablation experiment of Reuters-21578 data set (%)
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it Micro-F1 HMuicro-F1 Macro-F1 HMacro-F1
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