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Abstract

Aiming at the problem that the existing elevator dispatch algorithm is not able to adapt to the dy-
namic needs of users, an elevator dispatch algorithm based on incremental learning is proposed.
First, an elevator simulation model was built to simulate the entry and exit of users in a 16-story
building in a community, and a sample set of 11,424 was collected; secondly, the time distribution
characteristics of the use of elevators by building users on weekdays and weekends were analyzed,
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and the dynamic demand change rules of users at different times were extracted; then, an incre-
mental learning prediction model was built to output the floor value where the elevator should cur-
rently stop according to different times; finally, after the test set analysis, the proposed prediction
model can accurately predict the real-time travel needs of users, reaching an accuracy rate of 96.875%.
At the same time, compared with the existing algorithm, the proposed algorithm can more accu-
rately grasp the dynamic demand change rules of users, stop at the corresponding floor in advance,
effectively reduce the waiting time of users, and improve the efficiency of elevators. This algorithm
is of great significance in the construction of intelligent dispatching of elevator systems.
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Figure 1. User dynamic demand distribution diagram
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Figure 2. Tralnlng process of elevator dispatch learning model based on incremental learning
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Figure 3. Elevator operation process
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Figure 4. Comparison between model output and actual output results
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Table 1. Comparative analysis of the proposed algorithm and existing algorithms
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