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Abstract

Fatigue driving at night stands as a primary cause of traffic accidents, jeopardizing both the driver's
safety and public safety. Real-time detection and immediate early warnings when drivers begin to
exhibit signs of fatigue are crucial for reducing traffic accidents and safeguarding lives and property.
Utilizing the YOLOv8 model for real-time monitoring and issuing early warnings for driver fatigue
is an effective solution. This paper leverages the YOLOv8n model, optimizing the loss function and
incorporating MPDIoU to enhance bounding box regression accuracy. Comprehensive datasets
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were collected for training, validation, and testing. The results demonstrate that the YOLOv8n
model excels in detecting night-time drowsy driving, affirming the potential application of the
YOLOv8 algorithm in this critical area.
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Figure 1. Yolov8n network structure model [3]
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Figure 2. Indicator trend chart
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Figure 3. Precision-recall curve
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Figure 4. F1-confidence curve
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Figure 5. Detection effect diagram
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