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Abstract

Since 2011, we have initiated a project to collect personal lifelogging data, gathering 40,000 lifelog-
ging entries from 22 volunteers. Over time, the amount of lifelogging data from the volunteers has
increased, including as many as 3020 videos, making it extremely difficult to search through these
lifelogging videos. Therefore, we propose a video decomposition and image analysis model called
Liu-VTM (Video Tags Model). This model selects keyframes from lifelogging videos that represent
the content of the video and uses image recognition on these keyframes to generate video tags.
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These tags can then be used to directly retrieve the corresponding videos. In this experiment, we
explored various methods for selecting keyframes from videos and proposed a new evaluation met-
ric called “Optimal Content Coverage Rate” to assess the performance of keyframe selection in the
lifelogging domain. Our experimental results demonstrate that the Liu-VTM model can effectively
tag videos in lifelogging datasets and retrieve the corresponding videos based on these tags.
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1. 5|8

BEE B P HOR PR R, A NEHEETHTE R K S, X RH0E F LB N R . A rE%
P4, FRATFRZ A Personal Big Data (PBD) [1][2], Lifelogging /& PBD H Kz —. Lifelogging f&48 A
Re I8 A [E A RE X B O H 8 AT B e % [3]-[5], HH R T &M, Swilg
i H f[6]-[9]. Lifelogging Hidfs A< & B A B FARIRFE[10] [11], I H. Lifelog Hdladi oh i &t & — B AEREAT
WK, FEBEE lifelog H ZEEE RGN, L) Rk j) Vi AN B I e 4 A& — AME A B 70 e /[ 12]-[ 157

L ENZHER, FFRANRIRE TRZH TEHE, 29 MPis R Lifelogging U HHA .
Gurrin % NJEE T lifelog 4T A IR B, FE5T lifelongging B¥EHEAT T HIEFEMERIIX 20« HLURITT AL
[ 1]. Microsoft JHi ¥ lifelog £ ARAEFH TBI7, RIhh i bh—4% BA R ICIZ %K I N[16]. Harvey 5
N7 0 BEEER lifelog A4S G, MOIRZIAEHT 7 NRBRCAZHLE], JRRH T —FhE: T B 70 &,
R SO SR CA TR AT N) A UGS FR 3 512 ) T

Lifelog 45Uzl Py 1 G5 JEL 246 K38 70 #8255 T X HE R FC S A4 At . Byrne S8 N IKHEAT 1 lifelog 4
WANPRRA I TAE, FHIGUE T A BB ISR A 18], Venugopalan 26 A Yao %6 A\[19] [20]#BLASE —
NFREH A BUR R R T G I SO IR A . B TE lifelog 4T3k A kTS 0 A AN BRED 2D 2 b, — 2
DRI L AE B 7E lifelog 408 P IR A AT %5 58 140 2% R A7 i TR 5k A K, 5 B50RH 8 A7 il — A R T ] P (R0 0830
NATVEEAG ) T A7 i — 28 S AT e e R I B e X849 B lifelog 208 58 R ARSI EHE 3 ke i /D . B
AR E AU RE 52 T, A4S /N ) AT 2 S % il S R E A Y AT RE

Lifelog $5U38 A (ARAI0E & BAA mA . KETBOd[1]. DMARA21]. BRABUK[10][11]. FEEL
A7 AALER[22], A& 2 FEBh[23]/%E 55 . Lifelogging $d & — BELAEHHTIEK ), BEAE AUARELHE i 38
IISE A RS EAT R ARG 140 W HE o 22 ML A0S, R e AR A sl ik N L () 114 07 O R A b (945 2 kAT
RN FLIE 2 hRAS, @ PR AR TR 2R [24]. DRIUL, 230 O FR485 J5T S0 3= WUAR e T B
M. Khan & NFIWIE SR [2518 8, BT ARG B RIZae s Z e, A4 o A 2 bha
RS F BN ES . Mo, TR RIE SR it T 2218 I BAAEARUINME . PRI ai i AT Hh ik
HUH OGS IT[26]-[28], S SR MUEEAT 1H UFRAE AR Ae g i ix —id A2 . E T Uk IRATR E T Liu-VTM %
B, ZAACR A R+ BB TSR, o B ARAEAT SCH T ) B . A58 IR B 2% 2] SRR SE ok
BEMTRIAR A BL[29], AR SE RIS AT IB BRI 0kt o d50 5 TRAT TR A I PR ES IN 2) lifelogging £54%
v, 7SR EARE RS PSR R B H SRR

KT SRR 3 NN &, AL S — & B mEH el 7 3RAT 13 FERYTE BT Liv-Lifelog %4
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e, IFHAEE T IATANLREX 3020 S 0050 H S BEAT FELR M ST 43 28 H 7 RS @ s, 4>
RN A P9 2 RIS e tH T 2 B3 N EAAARRYEI A, S5 TR T — MIA 16 MM Liu-lifelog A5
ARSI . BB =N TAEZE IR MM Lin-VIM B “HENAELL” PS5BS HIRAM Liu-
Lifelog AR AN Liu-VTM B4R SR U0 UE JF 0] S0 45 RatAT VA i 7 b 36 L @ A R
R4, ATREREECFHERERUME E. 55— EX 20T 84, JERBEARNTFTT .

2. XTI
2.1. Liu Lifelog Project

Liu Lifelog project started from 2011 & FATHIBAK —NAFF 1) APP,  BUAEATRAT AH 0] LALEFRAT 9 3
AR BOX AN, TSN BFRA T I H Hh AT ER AT DL A 2 M SR IRATT EL 42 A JF 1) Lifelog Hidis -
Rtk 13 i, TAHA T 20 MEEH S 53] Liu Lifelog Project 2 H, HA R Liv FEIEES
1512000 £ HE, HXHEHOETEA . 07 WA EEE.

7t LifeLog #zhum b, M NS GRS TR WIE 1 Fros, B2 A Banss— ks slis i,
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Figure 1. System display page
E 1. RGR=E

2.2. Liu-Lifelog 128

Liu-Lifelog ##4E (http://www.lifelog.vip/)#& Liu BIBAAE 2 13 I (IR A EE . 28355 LN
He RFEMK, 2585 NEZ, BT 2B &AW 8. §RATJLEH P 5240401
() H H A, AN AR O AR T H S BRI 2R A At o Foh — 2 H &l s n] DU I I [a] . 28445 %
1T Rl SORRER . B B — 3L CAh B R R . o B S A H B d sk 208 3020 4%, 6
R R 2 B

BArmE xS A B S AR H B3T3 IR 45 A Liu-Lifelog Project [R4T M43 28 K I Liu-Lifelog £ 4
P HPAFAEAF R ER, AR @ 3020 MR AT B R RIIE 28 M T 7 FPASIR 38 140
B, RS EARYE SRR T 2 B3 N HAERBERA, R T — M 16 AN
Liu-lifelog ###EALANEE, H A On Road Al Recreation KA H TR 24 TIIESE 1 3 AN BA RS,
PRAERLSEEHE Q] 3 o
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Description: Play in Yulongxi
Park.
Behavor: Tourism
Time: 2023-08-24
Address: Fushun City, Liaoning
Province, China

Description: Play in Yulongxi
Park.

Behavor: Work

Time: 2023-08-23

Address: Hun nan District,
Shenyang, Liaoning Province,
China

Description: Come to Tieling
for a meeting.

Behavor: Work

Time: 2023-08-22

Address: Yinzhou District, Tie
ling, Liaoning, China

Description: Night tour
Behavor: Entertainment
Time: 2023-08-21
Address: Zhengzhou City,
Henan Province, China

Description: Set off for Tieling
Behavor: On Road

Time: 2023-08-21

Address: Shenyang, Liaoning
Province, China

Figure 2. Example of lifelog data

2. BHEEEERS

Video Title: Food

Video Title: Food

Video No: On Road

Video No: On Road

Video Title: Work

HEIEEH
“‘I‘\I\\lnuﬂﬂ

Video Title: Weather

Video Title: Learn

Video Title: Learn

Video Title: Recreation

Video Title: Recreation

Video Title: Recreation

Figure 3. Display of the standard dataset
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3. Liu-VTM &5
3.1. Liu-VTM #5254

N TP Lifelog AU P MUSE BAR 22 1) AL, BATIR T —A> Lin-VTM AL, 12458 R i o g LA
AEPRR P, JE X R BEAT bR 25AE BoR SEAAIAE b2, Liu-VTM BB AN I3, 3 Sl FE AL A
PEACHE ., AL, WA BARRE AL A ARSI W S it BTN ] 4 P -

Video Keyframe Selection
(Lifelog Video Data |

Image Data Select All Frames RAM(Recognize Anything Model)

IQ E Constant Duration Best
- - e N Content
Frame Data Lifelog Video E‘\J Coverage
Histogram [ Yolo(You Only Look Once) ]
3 Similarity Method
video name °
N — ¢ J N ’ J

All Keyframe Table
Vi ata Keyfra Tags

All Tags Table

=

computer . keyboard, computer

screentable, desktop, computer ,

keyboard, computer screen, table
desktop

Frame01, Frame08
Videoname 1 | Frame16 . Frame25
Frame33 ee e

Frame01. Frame0 | commuter, crowded, person.
Videoname 2 | Frame16 . Frame25 | Passenger, commuter, crowded,

Framedd o e s person, passenger

X Frame01, Frame08 |  coconuttree, palm tree, sky.

Video name 3 Frame16 . Frame25 | tree, wind, coconuttree. palm.
Frame33 oo tree. sky, tree, wind

. . .
. . .
.

—

N

Tag Filtering

Analytic [Principal Entropy S':: ?‘iti':al
Hi v | |c Weight Wi h? 0o
Process {Analysis Method Melt?od

J

Final Keyframe Table

Final Tags Table

Video name 1 computer | keyboard, screentable, desktop

Video name 2 commuter, crowded, person, passenger

Video name 3 coconut tree, palm tree, sky. tree. wind

N : /)

Figure 4. Liu-VTM model
4. Liu-VTM &R [E
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MURES A A B A Dy 1 A5 AR B2 B BT, AR IR O =t . AL Y
LA EIGMET FG A 2 AT DA S AT P 228 A, AL AT 3 AR gt 5 ) DU T S IR it 5

MU R Y T IS T 2 AR I i R AR L, IR RS A FL R BT B Bod T 1%
PP B AR SR T IS o b T — LB SR 5, AN (R RO ML S Bt ot ) 348 BB B0925 e a2 ) F) 45
RAEAR, XM FACERA R S WL Tz U S 8 MU BOSCR G R 2 7r s N T fefis o
P AN TR 0 B MG B R B 3R, AR B AR R PO T e N E LR & . il it N R EL IR
ATTRT BALEAEAS [R] i8S T A — SRR i ML SC B ot B D0, AT AT AR 3 — AN iE A T izl
PR IR T (1 55095 o BRATTH S P9 2 LE S AUIOC B USRE — A9 Liu-VTM BERY b LS i B
E 8o

TP AR A O XTI B WTREAT N TR, BRI R B AR RS . I IR S, R i
HCHE AL TC B ot A\ ST N A A A8 A e e, e B TR 53500 RAML, YOLO 55 BT R N 4
WS, BRI BB N WA E . g T S i 2R, 2 AR M R TR
AN BRI IR 23R .

PREE M L8 082 XA BAR AT U, TR X MR 25 3R a0\ B bR 25 077 b A st AT
AU AR ISR 25 e, AU B FR a8 g, 2B ) B R 28 h A AE AR 2 AR R (0 9 7
PRZE DARRBIEE IR IO A BARZE, BERT TS DL, BATRSRBAR R s AR RIS 5 T 1) A R hR 25 4k
BRI, AR R BCE AR, AT PURE A R AR BB ARSI E R I A AR RS, K AT
FFre HFHIATRAT DGE I PR AR R KN, RERBUZAI E Z IR N 7

3.2. REEARBERHBMS

MU i2e B e ot () 3 A A AR P e B — AL REMEA R A R B S BB . Lifelogging MM 418
ALK U IARE I BAEA D, X BUETR 2 I RS 2 BCE AR, AR T B A EEAT 7 A,
72 B R H 7 B MRA R FAF YDA ARG X AT 2 5 o SXFEXT T 3R BRI B 2 Ao
SEMUAS BTl A AR 1R T BEXS I AN ST AT HEAT SRR AR O . BR T RS ARUIE 3 A i) 7
A5 PR 51 2 P O B U A i 25 b LA P FR S R T, o vk DR ) B o 0 A B I S (10 S BRS04
MR 5 R VEAR &, X T BRI 5 I A RE B AL A XA oL PRIE,  JRATTIESE TR
R P 25 T 32 33 AN [ B30 PR S H

Bt LA A ] 3 5% R A0 i TR AN (R BB (R O it FRATHR T A “IREEN A B R 7 VHN R
BB, V€ fo e R ) S B A S RT e/ B D0 N S WAL 1 ZE 2, BT A A AR DA AL
TP A e R A0

K

R:W (1

R NIEAEZ, € ONREEWUECE SR I ep], HAEWAE, 1VEEIA, N A JEA ) i
K NPk e iR iR
S=w.-C+w-(1-R) )

S HRAENRERR, CNERE, LEREEN0, 1], 3 1 ForeeBE, wo M w, A NE
EAREREIRE, 3w +w, =1

et 1— R 5 J% S R MR A RN S W AR B ROREE, BB M IR 45 3 Bk IR T E 240
BE(E B SR AT E R, M wy > w5 2R, AT SRR REA A 35
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T AR — 0 35, T4 LB v < o 38 HE P 25 5 A3 08 0 A R 07

A T B SRR A 0 R
BRI MR 2R O A L A 5, B lifelog ke LN - B e A
BAREELN, DA T I G L, BT LR 5o s ) R 1R 2 MBS L
B, HR BB E UL, AR A O LSO (IR AT B R R 9L, I
AMEHAS] LR AR (AR SR F B RN BB, (3 B2 T
o = (7)) ©)

i=l1

mEREARL,  p, R L NFEARLES j ANMEIR LT ARHEL S OB, e, 25 ) NMERKIE R . A

Ja A S B AT R ANME AR B w, THE, TR A KT
l-e; 4
. z::1l_ej ¥

n RAERIREL Y7 1—e, RFTAHRRRIORE B 1A
TR RCEFRATT AT LLTE B O RS FRIBUEE w R w BT N B 3(2) sl o] AR 2100 8 1%
MR I B (N A B e R TH S 5, R A PR A [R] AR AR 032 ot 0025 v 50 0 A ot o 5 P ORI, M T4
BINFSIER BN BB e %, AL ) i £ P9 5B o R 5 U M) i P9 4 B e R T

D358 B2 AN A6 WU R0 0 T 2 A P A R AT

4. SEIGHTE
4.1. BIETE

Liu Lifelog Project 7E -3 P gt i 55 25 2 A (K1 BR 1l LA 2 B30 R e ki N LR AR KPR IR, 93
fE Liu-Lifelog 45 82 o (LA H B T it LK ARG 1)/, SR I A AT HH I — A0 R A — i i
Tl JEUAS R — /N AURER Dy s 208 0 i P 100 A 2 g 22 IUA PR = . R ok s 4 L L RS
I T 73 8 5 KR FE N B DA 3 T B G IR AT 2 i (R D S B 10, VRS X A 3020 2540 AT )i 1k
RSy ) EAT AL B, 4 o 5T AR AT MR RORBE T — 4%, WA BEHEAT 20 AR LA B2 R A — i
PAAEAT IR B, 55 13 B RERS A8 I ARAIIE A 2703 2k (BIEF) 2023 4F 8 H).

4.2. EBF Liu-LifeLog HNRERARESE

TE Lifelog 4T3 AR AR A 8 50 % 78R i — BUETE HAE, 1946 T Liu-Lifelog Project 1 H &
A Lifelog WA 72X, FRATHI B 19— H & A A RARR 7 — AN s 34k, TR 47 B i ik
JE ) 2703 MBS, 1X 2703 MUSEHEAEER T 2703 MSLFAE . B4 % T AN R E A
JRBEMT, AR B TR AT BT IX AL AR AT RS . FRATRI TR B AN AR H &
MesE I, SEELRE IR A L E, AR Z AT ERE L . FrURITESS
T AR AN P 25 R 18 R A [ B 1) S B

PRAT R X T DG BR M PR B2 vo B LAY, |l T AT T 4 b B AT A AR LS S R I TR
FrUAZEE Wt T — AN SRIGAE S FH T # € Liu-Lifelog BN AE B R P IIBUE. 2ZE R Liv-Lifelog br
HERUTEAE S 1 16 MR, M 2703 M ik 32 AN EA RIS, Kix 48 MSLATAS
Prfe B, Ba 130 28,110 5KEME, FFibkAmad I F Bkt th Be A% AR RIREAR Y O s i . A 1 B 1k
RAT R TR B MG 8 H IR S R B RS I S, 2B Lk R A 3 AR 3 — A 1 D o i 1) B J LR
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BEATURAE, I HIR AN B AR BRSO FANRNE B D ER BN & . 8 T HTERE1EE, 1
RATEEFEIG , 238 R T 14 S S WA T v 39T i B A R 3 207 B 485 5 1) O R e Ji R AT 8 e 95
(IS B B A 15 A

it DA 775 20 3 WL ) O B ik AT 7 i AR 4 2 B F SR A AR B T S B w, AT
Wy KREBUE we A wy iEABI AT 2 FRIGFF G Liu-Lifelog AAAGE IR e P9 A8 i R 4 2K

4.3. PIAKRWUERN TS R

FATVERS 1 DU 7 AT PRI, 5 — R i W £k, 55 — M2 BT BIARALURE X i B
LR/ BB T, 58 =P8 T IRD BRIy, 56 DU b DU g IR R SRR, AT 2 DU Fof 0L 43T
B3 925 I U

1) EJ5 BIRBLEENS bide: B EUARADUEE X P R A2 A BRI AU DCEAT L7 R ARALURE X EL e
L ep AR AU BZAR FRIAIL AU DA Rl SR R ) O B o

2) [EIRE IS Ao P[] P ) 8 e () A a2 A A (R DR EAT BB, AR SC AR T 8] % 24 Wit/30 it
/60 yi/120 g, I8 1 HCULIT T3 SR HR 5 (BT — A0 B B A AR, e 20 B A0 B RO A Dy il ik JA
SIEIPS 11

3) Wil Wdla] 22 700 i AR T SR P T 8] Rt (8] 22 2y, 3BT 4 30 P Pt (R 22 70 9 8 A Jim i
FEEAT Y389 ot ) 22 7 58 P58 PR3 KA (O AT DAy 38 AT F) S o

4) BWHERE: BWUEREFR R (AR — PR ECH ' D i MU S St

FRATEE T3k th 1) S SR v H S [RGB T B e e AR B e R AE, R 5 R FEA A 5%
T R R A A i BB HEAT X L . T 1 ARSI 1 16 ASFRAERUIRAS [R5 B 2500 B (0 e fE 9
RSP

Table 1. The best content coverage rate scores for standard videos

F 1. REMRENSBERTH

M5 E ML FE 7 EARENE 1] g8 H s VTS TR H T
1 71.47 62.48 94.41 61.66 36.70
2 74.65 70.05 95.33 76.50 36.70
3 64.63 62.59 95.84 70.16 36.70
4 91.81 88.46 96.04 91.49 36.70
5 67.37 58.93 79.47 60.03 36.70
6 79.35 75.38 74.34 77.42 36.70
7 82.15 76.17 77.08 61.04 36.70
8 68.22 68.70 95.82 62.11 36.70
9 63.61 63.79 69.63 62.87 35.95
10 63.37 62.63 96.70 64.18 35.55
11 68.67 62.56 94.71 64.68 36.70
12 80.00 96.99 96.99 98.59 36.70
13 72.79 77.70 97.68 66.55 36.70
14 73.72 66.20 96.79 70.58 36.70
15 65.75 62.91 71.05 62.12 35.03
16 67.09 70.42 94.98 67.26 36.70
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X R 10,990 K, TRIBREUMTE IR 46,050 dk, Mk B 28,250 ik . T3k H AR T3 A ]
FARONT I 7325 R de B PN 45 7 7 3R T R AT VR IR 204

1 RSB RARYE Liu-Lifelog AL AR HE L B2 Bt B0 1 i AR 7 25 A5 201, b
I BORARYE S 2 ML PRI 17 22 K/AMERVEHFE R, O EDR R — RS O T 5 3 R Rk 0 o BOE R
F/NEREF, AN S B AR TR IR REZ M T 2.

User Variance

~— Similarity Variance

Sec Variance
—— Difference Variance

—— All Variance

)l ,.h

Figure 5. Comparison variance graph with subjective selection
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FHER LA R, (HARAMET B EARCNET S, Wia) 22 70 i Sl SR A5 AR 48 P 18] B80S 8207 2 11
RREZZ LA, I H I 75 KT 2 — BB AT T Pt 8] FRARALLRE RS T BT BRE N AE T B
Hh 2 Xt 7 P AR AL ST O AL AU E AT O B 0 57, 0 2 09 X IS AR P 7 ) W 22 22— o
Py A o A AT BT BRALGA T 35 2 S8R, i LA 2 B 5 AR 22 50& I - Liu-Lifelog ML H 25
RIS SE I HE T 2. I AZE AE AR GE 8 2 vh 3 T B 7 RO MU BE AT S B AR e . BT
AN IR B A5 2 i AT B 1 AT 5 SEIN S A F ARSI W5 7 -

4.4, SEIGEER

T TS AN [ B ARSI 7 V28047 B A A 2 7 i 0 0 T SR B A i 25326 € L5 R ALLRA R N AR R 4810
MUATORBE ML TV . AER e IO G, FRAME % T oppo SEER = fFHIf) RAM (Recognize Anything
Model) AT ML HE MU A 25 R . RAM AT AR A 36 vhois Wi 500), U e e, JF BTN
TR A EMERAR L BTG, RIS R DR AL 4 G SCAS T AREAT I T AN 2 T 3hidioke « LT yolo,
RAM FEW) R 5 T e 7 AR s R PERE -
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Video No: Number One Video No: Number Two Video No: Number Three Video No: Number Four

Video Tags: bean, bowl, bread, Video Tags: bean, box, peach, Video Tags: couple, person, Video Tags: car, dark, drive,
condiment, kitchen, peak, plum, cigarette, wineglass, stem, man, platform, push, park, highway, headlight, neon light,
silverware, stack, vegetable, weed, spinach, bottle, kiwi, escalator, woman, luggage, night, night view, road, road
cake, salad, person, pour, sauce, sprout, pepper, plate board, transporter, oven, sign, sign, street sign, light,
cook, stir, cut, man, woman, warehouse, child, enter tunnel, exit, overpass, billboard,
spatula, stove pillar, red

Video No: Number Five Video No: Number Six Video No: Number Seven Video No: Number Eight

Video Tags: taxi, car, city, city Video Tags: computer,keyboard, | | Video Tags: computer, Video Tags: building, crowd,
street, crowded, drive, dusk, computer screen, desktop, keyboard, computer monitor, person, night, night view, plaza,
highway, road, traffic, traffic doorway, floor, room, stool, computer screen, dark, desktop, stand, illuminate, laser, sign,
jam, urban, bus, driveway, white, lamp, computer desk, laptop, laptop keyboard, mouse, city, city view, floor, light, write,
school bus, yellow, street scene, computer monitor, container, screen, sit, man, video, woman, neon light, sky, hotel, torch,
city bus, traffic light electronic, glass jar, mouse, toy photo, illuminate spray, lamp, arcade machine

Video No: Number Nine Video No: Number Ten Video No: Number Eleven Video No: Number Twelve
Video Tags: coconut tree, Video Tags: snow storm, car, Video Tags: apartment, Video Tags: person, music,
palm tree, sky, tree, wind, tropic, city street, person, man, moped, building, construction site, floor, piano, play, sheet music, sit,
shine, sun, hay, pink, smile, motorcycle, night, pavement, green, man, motorcycle, office stool, woman, child, keyboard,
stare, sweatshirt, woman, forest road, scooter, snow, building building, tarp, plaza, urban, floor, man, read, girl, learn
jungle, sunshine, vegetation, power line, sky, curb, floor, build, crane, roof, umbrella,

hand, green, hair, mud, grove white, bicycle, billboard, woman person, draw, rain, scaffold

Video No: Number Thirteen Video No: Number Fourteen Video No: Number Fifteen Video No: Number Sixteen
Video Tags: computer, Video Tags: table cloth, textile, Video Tags: ceiling, pillar, Video Tags: metal, spark,
computer monitor, computer woman, hand, pink, job, dragon, floor, person, shoe, sparkler, person, lightning, spin,
screen, image, monitor, screen, bracelet, garment, blanket, shopper, mall, store, crowded, dirt track, city, ramp, building,
red, keyboard, person, room, game, pay, scissors, poker, deck, department store, retail, shoe spray, pavement, city street,
dark, lamp, pillow, catch, stool, check, phone, catch, floor, lap, shop, stand, drummer, man, alley, green, shine, take, flip, fire,
illuminate, laptop, mouse paper, play play, drum, red,carpet boy, child, firecracker, hand

Figure 6. Partial display of standard video tags
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