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Abstract

With the rapid development of artificial intelligence, computer operating system and database ac-
cess, people gradually regard artificial intelligence as an important auxiliary tool in the field of Chi-
nese and Western medicine. In TCM research, deep learning techniques are often employed to re-
veal the spatial structures that can be applied to them, and these techniques are used to identify
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beneficial Chinese herbs and herbal compounds as well as their therapeutic mechanisms. In this
paper, the correlation and connotation of the appearance features of controlling traditional Chinese
herbal medicine formulations are summarized. These features are mainly identified by external
morphology and microscopic particle size characteristics. By using convolutional neural network
(CNN) to automatically analyze the chemical components matching the characteristics of traditional
Chinese medicine, the content of active ingredients can be derived. Looking forward to the future,
the combination of artificial intelligence technology and near-infrared spectroscopy has a wide ap-
plication prospect in the field of quality evaluation of Chinese medicinal materials and decoction
pieces. This method has obvious advantages on the whole, and has outstanding performance in im-
proving efficiency and accuracy.
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Figure 1. Process diagram for image recognition of traditional Chinese medicine decoction pieces
(taking Dian Huang Jing as an example)
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Figure 2. Microscopic feature extraction process for slicing

2. Y1/ BRFHEREURTE

A IR S BAE VR R R, m] DR g 4k H AR TR B AR RE . XA iR BR m ROCHE 4], 6T
AR D) P S i PR S K BE VL RCARARL, 3 R A 24 RO AR AR 7t 5 DA 3R 3 SR 7 v 22

3.3.2. CNN ZEUh 25 oK B NURFE

TR R 2R R R MR A P R SR A A R, XA AT IR 2, R E T L
EE R SRR . EX— R, E SRR A, R AR AR . Do 5
BT T OSBRI T T BORVEAS T AR & &, 1R T7 20 — Pl SR8 A Hos ) is
o CHHMTVFZ 0 SRR R 2500 R e i AR 20 5 75 MR A Z RN I R o X SR SO AR A P AL
& LR EE R AT S, @ ey SO A AR A B =, X R S KA PR . T
S e R R R Hp 26 A SR AT R A W R TEAS T RE A MR Rk i LA . B R RAURRAIE %
SELE FF 2RO AR RN B PR AT AR 1S H 2 B, RN AN AT 2 26, i8I A 45 (CNN), A
AT SR IR SRR S OB A, 3@ ) FH R B 2 ) AR SR A AR B 2 SRR IR IR R GE . &
3 B

%&kg{:iﬁf £ 7 CNN st %t & A
sronnnn | | EEEUE [Tl ke

i ¥ CNN # & 2 R RABAEH
B A (| #anxmme <3 IR
FE5BE% AT AR T B BiE

Figure 3. Powder microscopic feature extraction process
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