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Abstract

With the rapid development of Heilongjiang’s characteristic cultural and tourism industry, how to
make historical and cultural scenic spots have green and safe operation methods has become a con-
cern. Using technologies such as Python to predict the electricity consumption characteristics of

XESIH: FRE, W, WG, kM, T, B BT Python [ S S0 B IX T HUREAE AT AL TR 5T 1. 1AL
Bl 5 M, 2025, 15(5): 532-538. DOI: 10.12677/csa.2025.155125


https://www.hanspub.org/journal/csa
https://doi.org/10.12677/csa.2025.155125
https://doi.org/10.12677/csa.2025.155125
https://www.hanspub.org/

A 5

cultural scenic spots can effectively solve the problem of overall operation and management of sce-
nic spots, and provide strong basis for future planning of characteristic cultural and tourism indus-
tries. Using Python programming language on the basis of TensorFlow framework, the analysis of
energy consumption data in scenic spots is implemented, including the rapid and clear display of
data distribution, electricity stability, and electricity loss function curve in the dataset. Scientific
and accurate judgment of the electricity consumption characteristics of such specific cultural tour-
ism is made, and the future electricity consumption in a short period of time is predicted quickly
and accurately.
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Figure 1. Visual map of annual electricity consumption data distribution in a scenic area
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Figure 2. Visualized box plot of stability of electricity consumption data in a scenic area
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Figure 3. Normalized visualization of the stability of electricity consumption data in a scenic area
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