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Abstract

As a non-contact and convenient biometric technology, face recognition is widely used in security,
finance, identity authentication and other fields. However, facial occlusion will lead to the loss of
key features, which will seriously affect the recognition performance and become an important
challenge in this field. To solve this problem, the current research mainly focuses on two aspects:
one is to improve the face recognition algorithm itself to make it more robust to occlusion; The
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second is to restore the complete face through occlusion repair technology, and then perform recog-
nition. This paper systematically summarizes the latest progress of occluded face recognition tech-
nology. First, it analyzes the direct recognition methods, then discusses the methods based on oc-
clusion repair, and compares the advantages and disadvantages of the two strategies and their ap-
plicable scenarios. Finally, this paper looks forward to the future research directions and provides
areference for the further development of occluded face recognition technology.
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Table 1. A summary and comparison of occluded face recognition methods based on local features and deep learning
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Table 2. Summary and comparison of occluded face recognition methods based on dictionary learning
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Table 3. Summary and comparison of occlusion repair methods based on low-rank representation
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Table 4. Summary and comparison of occlusion repair methods based on deep learning
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