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Abstract

This paper takes Shunan Bamboo Sea, a model of eco-tourism, as the research object to explore in-
telligent tour guidance optimization strategies under the background of large language model (LLM)
and multi-source data fusion. Through the analysis of multi-dimensional data such as scenic spot
tickets and passenger flows, traffic routes, and tourist behaviors, and combining the advantages of
large models in semantic understanding and interaction, a set of tour guidance strategy system in-
tegrating tourist portrait modeling, path preference recommendation, congestion prediction guid-
ance, and voice interaction explanation is constructed. The paper proposes an intelligent decision-
making mechanism oriented towards personalized sightseeing demands and real-time perception,
and compares its improvement effects in terms of tourist satisfaction, sightseeing efficiency, and
congestion relief. The research results show that the large model-driven tour guidance optimization
strategy has high intelligence and adaptability, which can provide theoretical support and decision-
making reference for the construction of smart scenic spots.
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Table 1. Comparison of passenger flow and ticket revenue
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Figure 1. Comparison of the number of visitors and ticket revenue during each May Day holiday
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Figure 2. Comparison of passenger flow and ticket revenue in 2023~2024
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Figure 3. Recommendations for high-speed rail routes
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Figure 4. Recommended route to the scenic spot
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