Computer Science and Application H-EH A% 5 M, 2025, 15(9), 52-62 Hans X
Published Online September 2025 in Hans. https://www.hanspub.org/journal/csa
https://doi.org/10.12677/csa.2025.159223

i

B £ AR A St ] 2] R P Y R FH St

FHKE, KER, KHM, T4E
PO BE T AL, BRPY PH %

ks H B 20254F7H25H; FHBE#: 202548H23H; KA HM: 202549 H1H

H E

FAGE A 1] B B — N R IR, B 7EFIRE i RAH ML R KR A S AR R . AREE SR AR
Ha, WA St ba it B e AT 2098,  DARRE R R R SR BRI U N EE . B4R AR H L
POETIAE, BXFEMA T BELWEARERIEA P RINESHR. BiERKiE, 33U R KK-club
i) AN Kk-defective clique [ @5, fRIEE B R EERE R, B2 T B2 EEG_NPA
G_KD. Network Data Repository#{#E4E DA & Facebook4t 3z W 25 #im 4 i) Sib 45 SRR . Frigim
G_NPHIG_KDHLERE B H M A F S HE R T KB KK-club EE R Kk-defective clique 5 BE#EAT R
. R R LGSEKEB/NET, WTFHSH, GRBLAMAKLI20%HITH R, KPR T W8S 22K
M. RS HKEKRE, it L THRREBAER, SBABMBRE T TR, EEEmE, &IH
B L) — 0 T Ao

xiia)
A, EZWMEAR, J§KRNEH, k-Defective Clique, k-Club

The Application and Research of Graph
Reduction Techniques in the Relaxation
Group Problem

Mingge Li*, Yucheng Zhang, Gengshuo Zhang, Jiayi Wang

School of Computer Science, Xijing University, Xi’an Shaanxi

Received: Jul. 25%, 2025; accepted: Aug. 23", 2025; published: Sep. 1%, 2025

Abstract
The relaxed clique problem is a key problem in graph theory, which aims to find a relaxed clique
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model that satisfies the corresponding constraints in the graph. With the increasing size of data, it
is particularly important to effectively reduce the relaxed clique problem to reduce the difficulty of
solving the problem. Graph reduction technology has emerged as a result. This paper mainly studies
the application and research of graph reduction technology in relaxed cliques. Specifically, this pa-
per takes the classic maximum k-club problem and the maximum k-defective clique problem as ex-
amples, and designs and implements efficient reduction algorithms G_NP and G_KD according to the
structural characteristics of each problem. The experimental results on the Network Data Reposi-
tory dataset and the Facebook social network dataset show that the proposed G_NP and G_KD algo-
rithms can effectively solve the maximum k-club problem and the maximum k-defective clique
problem under different parameter requirements. In particular, when the parameter k is small, for
some use cases, about 20% of the vertices can be reduced, which greatly reduces the difficulty of
solving the problem later. When the parameter k is large, the designed upper and lower bound func-
tions are relatively loose, resulting in a decrease in the reduction effect, but even so, some vertices
can still be reduced.

Keywords

Relaxed Clique, Graph Reduction Techniques, Heuristic Strategy, k-Defective Clique, k-Club

Copyright © 2025 by author(s) and Hans Publishers Inc.
This work is licensed under the Creative Commons Attribution International License (CC BY 4.0).
http://creativecommons.org/licenses/by/4.0/

1. &it

1.1. 5|18

ALt R EI(ED 2 —DNEENNES, ERR M AN MEHE S B HA AR B %
FEE, MR T —NBEBR A . SR, fEILSCt e, AR A +E X R R BB AGRBE B, X Fh
ANTERRIFEAE R RRAE T At IR 2 A [ 1] Fasth BIAAYSCSE T 58 2 4 BRI, v B A e —
SE R R R, I B S S T 4R 2% 1) S Ve o AR TS S B3 5N ], W R N 30 AN [ 1) [
PR AT FASBRE AR T & PR st AT A o FERA S A B () A 2 A8 1, k-club A1 k-defective clique /& I
Pl WAL, B ATEE I NS k RG] BB RS [2] . X SRR AR ORISR B s Hh B A = A B
FOME, HEEEWAR T ERETFERR . a0 T84 it B R A s 7t = 28 b T R E A |, H
Fe B B2 1 THL UM 0] AH N 0 838 PR SR a1 BRI B ik o DRI, A e sxof DKRIUARE 18] P& P A1 ik AT B 4,
DA4g Jekian N\ B RS R AT R B A TR BIR IR, AR SR DA st [ R S R . 5K k-club
i) @ DA 2 5K k-defective clique )@ 9% 0, BIFFE B THET X IR PR A 1) ) BRI 200 A

1.2. ¥ASEE E)RE B E SR AR SR BR

1.2.1. & A% AR B FdE 5% )R

P A B P R T WA ) B 2 B R oG T B, A0 R AR AR B I OG5 R T2 il
MR TUA TS BT, BRI S %R, AT S S EIR R IRSCR . 8 WL L0877 1%
AEIRE TS BB A8 3T T IRBEBYE ML 5T T RS0 Ess, X053 2 N 117
R TO 057 i e R PR ) R A A e R 3]

FA B P 1) R [ 1 R R, oA ORI ST NS E A st “AT B T A ARE” MR A, LUE
LS (MR M 5 AR e Atk . MBS B, A ) T R et 5 S HCE DA 2 H0n Al
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] B (A K k-club. $K k-defective clique)XJ#iE Ry NP Mm@ [4], X RIS LA B HCKE
R N TN TS N A S ESY RS o N WAL iewa 3 SV ESNPS i SR L.
w5 L TR st (AT 20 A, 4
k-plex: FBEIH AN T U 2820 5 HoA k-1 N T0SAHIE (B TR FEECR /N T |Cl-k, Forp C 7 BT AR 5E) s
k-club: P H A P T A0 () B o B AR K FE AN I ks
k-defective clique: T EIFG R ILEA R k (5 R 58 2 EIAHL).
XA AN R 4E B2 AR S (WPE B L TAE L), NANE SRR X R R T REE TR, Bl k-
club & FiRH “LHTHL” EFX, k-defective clique i& F T fo ¥F /b B8 R BB T K298 .

1.2.2. &K k-Club @&

2000 4, Bourjolly 555 {42 H i K k-club [A) @ I B it =Hf 5 A XA R RIS . 2002 4, % A B4R
HAG NP MR, (AR 303 B R 2 1 BRI (TLP) AN 4 32 5 FH(BB) R RS #5551, UG ZHUR 500k
PIRFIXPI M E AR & K. Pajouh F1 Balasundaram #E— 2 1E B k-club B KM 171 @F) NP XESE, $2H 4
A EE O AR LR BB &5 Shahinpour Al Butenko [6]7F & 28 4Bk J &R 18 2 5%k, 2t 7 Bourjolly
Z2 N[71/) BB SEHTUE N Ao

ILP %38+, Veremyev #1 Boginskii #& H & T B A M2 Q2 s Buchanan AT Salemi [R5 %Y K47
B/ WEREZIIE; Almeida AT Carvalho 41X} 3-club [l @4 A4 5 ILP #74[8]; Pajouh Z&MIi%
NI TR 2-club 7] @ 2 Ak 45 8, 7E (Operations Research) & FRAHIE ILP #5%4[9].,

Ja K AREEJT T, Shahinpour F1 Butenko Ff178 214k Ja) 548 2 fil & T A B 9856 KM . 2014 4F Almeida
A1 Carvalho Gt BB Joy 048 2 0L 2 B F2 THRRE[10]. 2022 4F Chen %5 N GI SIS EILMEA, @
I A R ORI — B0, BETE 43 2 RMEAK RAS I SRS B S G EA[11], #5 ILTT R 1) NukCP HVAETE 2 4075
NUFER R AR, HAETE NDR #dEE FoA AT A MR R BIFRA0E RO 12], I e sE .

AR FE T, R R I 23 A 2R B 7 el . i, 2023 4F Li 55 A2 T MapReduce HEZE
WA HATLIRENE, H k-club 7]l T TS, TEE TR B L SE T MRk g, ik k-club
i R P TR SR TR

1.2.3. #®XK k-Defective Clique [B]RR

R BN k-defective clique [0 &R [ FUARXT B/, (HOA RAVE B E[13]. 2013 4F, Trukhanov %%
IR AR AT, TR A TR W i 4 2R SR (1 58 4 B 2018 4, Gschwind 58 A5 AAL
(=B Teh LTI U S R RSPl T B i

2020 %, Stozhkov 53T Motzkin-Straus —F A [ 1452 HBEHHELF 7 A, HOB LN T k-
defective clique #57Y, Ay MR IRAEHAM A . 2021 4F, Chen S NI ZFEZINEA, H R BE X%
7] R e RS2 PR AL 5L MADEC; 2022 4E, Gao %5 A3 MADEC W21 50, 51 AFHALmEA,
& 1 M i R etk 1) 56 % 5% KDBB [15],

b4, Chen 55 N456 T pUfE BIF RIS AR B & X057, MRA LTI Uk, IR h a4 sk 2L
YR, MR SR CSTDC[16]. 2023 4E, Wang 25 NS Rz E, 1Rl E X408
FEWE, WIS A T A S BRI E B AR, S T BhA B TR k-defective clique 1 8CE T, 46
J& T %I BRI N 3 5

1.3. EXEARMITANE

1.3.1. VMware Workstation
VMware Workstation J& — 25 [ R ML A, SCRRE S — 3L B OV 21T 2 MO B IAL(RT 42
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PAFAERAE RS, FIT IFA S BAFR G R IR O R & o B AL, SErf P, 3=
PFIEEDIREMIML T SRIRRE, AW B kBN TR .

1.3.2. Linux &%t

Linux 2 FERE RGN, FT GNUGPL h 7k, KRS, WA RESEZODIRE, B4
BRI R FAL X YEY . AT CentOS KATHL, HARE B 24T A = 8 SR FLRE ), & A KA
BRI R K .
1.3.3. C++i85

CHR SRR AN R AR Rz R AR = 05 S, R Z A 42 R ) A7 S KR, & A sk
I 2L R AR R A . BRI . HFEE R EN AR . BiE) g &, #h
AT ARIE S .

14. FEMRBIREHZE

ASCH T2 H AR IR R E AR AE R st A ) R R, R B XS K k-club [T K k-
defective clique 18, Ny | SEIIX — H R, ASCE SR | LR ZEAR T, SR5 70 5B ok k-
club [i] A% K k-defective clique [0 B TH 1 AH B (1) S AR A ——G_NP Al G_KD, F T 0 AR &
BEATA Rk
1.4.1. BEES

FRRYE AR k-club [A] A5 K k-defective clique [ R 45 R4 RFAIE e o1 20T I 20 S, 3217 PRI
i N P PR 52 24 SR A8 st 14T it ) SR A o b i R B T EE0E A N S it B T B R .
B TGRS T T B 20D RN, AT TR R SRR e a st A ) A T e SR A i T D A SR
Ja RATTIEFHA .

1.4.2. SLIGERSY
P 30 e A T U FH A % ) R R 098 T 1, W B A3 AT L9 T AR I P A ) A8 SR A e e R s B N PR AR
HIREM, RS 36 BT B HH 114 S A2 75 RE 5 A5 R X i K k-club 1718 DA K B¢ K k-defective [ 34T 09 o

2. YRR
2.1. FK k-Club [8]FE Y208 SR BE

K k-club [/ @ 24 ek T 2L S8 i 5B k-club B R FHE LA &N TR BB SR TT . 3l # ki,
FEE > k-club fR/NEERT DA E BRI R FHE, TR TR ke B PR AT B0 2 — Al f i 5 (e
SCHR B ] R 249 9 SIS 32 2253 D9 TRIM J7 40 DRM 757, #3002 K Bk iy B R 5507 K,
DX 3t 75 48 T E Y IREA T, SBOHE R WA P

2.1.1. TRIM 753k

TRIM s&— & [ T4EX] k-club AT L0TT 5. BT ShaS R EAR, S ACH M R B T
ATk . HAASKY, TRIM Sk LT E 5.

1) VBT B S (k B AR ISOR /N AR A R A 1 18K k-club #U)

2) HEAMER EF < SRR SOREGL, R k B2 A T A 5

3) EELE 2 HETCI AR MR,

TRIM J7 ¥ SAE T8 RE 8 R0t/ D 48 2= 23 (8], Rk U THE A AR v e dEH FERF, JUH
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SN TR R UG, X AT A2 S BRI AT I A K
2.1.2. DRM J53%

DRM (Dynamic Reduction Method) & TRIM J7iA —/ Mol hiiAs, B ESRE R R RE, Bthfe
AbFE A P B L3 . DRM 732 (1% U SE AR 70 I 5 T A 1) TR s 88 s B, AN & EBT i 5
KD T A BB E I, FEINRT L0t FE . DRM ik R BB IR

1) WIHGTHETE TS LR, e gnE 2 R S AR E i

2) TR RS, AR degree THAL, 3L BFR < NERUIMIER, JEHE 32 SE e i) SR T A n
IR BAS 5

3) FET B E AL PR T AT, gk AR IR

DRM J7 i@l kb E A B i SR sh A& LA, B R T AR R RCR .. SEHEH
TR, Rk, ASCHHE G NP 5K 3T DRM ik T e s, seaixd T4 B i sk
P, ET AT g ek 0] RS, BRI 45 o) SR e M FE

2.2. |K k-Defective Clique [5]5% #9275 25k

K k-defective clique 7] ) 2980 5E T T0 s BE RS SR AU L0, 38 3 10 D0 A4 37 e o AN v e & T A
PRI S AN . RO BB BH TR EHUNT “HUui T R-k” , WIAAJE T 5K k-defective clique,
AT E MR . TESRERA b, fTAE H DU OB 2R -

TR BRI 5 TR v R REH + ARSI A8 + WIS NIl < UEr A, WIMIER v A TSRS
o< sk, MR

MR AR A RS BRI (u, V)AL B K k-defective clique HIHE R (ENIAMAAAE S BAKE LA S TR
IR RR), IR 1% .

21 AR 4y SOE FAHESESCH: WIdai N YR, AR EIRIMIBR U AR TR, R ER
It BRIGEF Bk %R A SR AR R AR, JCHE T B

3. YWEERRIT
3.1. &KX k-Club B4R E X

3.1.1. NukCP 4@ &%

NukCP 72 3R fif 55 K k-club [7] ) iy 3mSR R, & A T RS, A% O 15 P IO SRS -

B L) FK MG (Dynamic Reduction Strategy, DRM): i i 20 25 58 35 105 b (7 HE 387 550 I /D i 4R
U, ARG BT TR DR TR AR .

43 )2 R{E C B A% £ SR I (Stratified Threshold Configuration Checking, STCC): #'%} k-club 75 £ 24115,
FREMRHE, AAFEZRAH BRI H, 456 EMMERAEFAEE R, MBRRE RGN, 2
THER Z R

NukCP JET Rl G FIRKNE, ARGER 7K k-club M@ R S s, N E L ER L T
AT, FEARIZEN SR TR TR R

3.1.2. G_NP E R EEE
G_NP 5T NukCP 5 DRM SRESALAL, A T PUR 4Em AR, Bvh 2 s A dE:
THSHET 42 T0 s FE AR P HES, 00 S A 38 o T2 T A T
k M ABJE STt THEAEAN TS k AR R AR, (E R A
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L)PIT R AT k BT ABFEH <Ib-1, JU3EIE A TUAR M B

A S B O RIAR T, MR TCAR T A [R5 S H AR IR ) k B &8R4, # R 2098
Ja SR I — Btk

GHIETT ARG R, HAORE FHRIRK k-club HUREE(E S, A RS IFFHRETHRR, 0 K
KB REE, HELTEMURE, BEERERSETE EIRFE N

3.1.3. G_NP HEPERNYRTIE
2T Reduce Graphlnit BRECSEIL, 43 NP MZ LB EL:
D) B THE B WS I k B A a4, /75T g degree k %i4;
2) EARMIBREN B : X k B Al fE e <lb-1 BT AT, IO IR BAZ1 FE FE 4R T0 sS4 (g_remaining) R[5 5
PRIBR T RUS, SERT AR IN A g_degree k fE, 5 BEHT G I 2 MR 26 AF AN BA Y, B2 TCITCAR T
%I R I I R [ S A S B AR, kb BT, R U] R R R I TR

ighbor(v, size, g degree_ 1, g adj_1, g k);
if (size > degree_lb

aq = degree_tmp[i];
degree_tmp[i] - J;

i size; ++

ple_degree ori[v]]++s

g degree_1|v_n]; j < j_si

i1 == v

Figure 1. G_NP code section (part one)
1. G_NP R#BER5(—)

3.1.4. G_NP HO{X B &84
AREEM EEAE R WAL, SEM— IR RS, 8T EersR g LR E s, AN
ZJE K k-club [A] @R A 56 BCPAR BEES , Horh OB IRARAL an i 1. 1 2 F1E 3 floe

> g_lime_culoft)

ut redcution

Figure 2. G_NP code section (part two)
2. G_NP REBEH (D)
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assert(j != j_si
g_degree_1[v_n]-
g_adj_1i[

<< setw(10) <<
etw(10)

T << setw(10)

if (g remaining->size <= 1b)

Figure 3. Part (3) of the G_NP code
[# 3. G_ NP KEBERSI(Z)

PR % ReduceGraphlnit SEH B 29 Jid B2, i A% B TUAR Tt A0 PRI 45 0 I OR B OGBREVE T, OCBEEAAT
BT

(1) BHEVIEEAL: W B degree b= Ib-1 1 A TH w57 ik BRI H 5

() k Br&BfE vk 5.l RS R (BFS) VL& TR k B &R fE i, IR S Rl PR Zh A & b5

(3) BAFIIREN 2905k FIFH FIFO BAFIALEACERAF T A, [RIP RSB EeR SRR T 0, i fReY
85 B IR BA 5K k-club [ 5CHES 2.

3.2. &K k-Defective Clique [S]F8 AL H %

3.2.1. KDBB 4R E%

KDBB Hi%& L R MR K k-defective clique [ @ THIREISEE, BT 308 FAESE, J@id 5| A
FEARIET KA R A BE R . R L RGMOSRIE I B AT AT 03, SR B R At
T3 BRI FN AR B U AR TO SR, YD 3 R 2] s [ B 45 6 0 e g e s R I T
MALAE Z 517 . KDBB 7 KM B I ) MDCP il {1 - R B B E 3, Je e s Mk e 5 1

3.2.2.G_KD Bi0igit Bk

G KD ByEH TEPI T EEZ 0, B ERRA T 68 T 5K k-defective clique [T SR, DAGA Y
RN ZFIEE S KDBB 5% AN, Ji i DL A SRS B IR AR CA JE B2 SR i TiAd 2 -

MBRARIC AL : 8T v_del i 4H 10 SR T A

TURTH AR : FIH vertex_judge REUEEE < Ib-k MITI (LRI AU AT BEJE T 5 K k-defective
clique);

FIGE MR B 857 v map BRI R TS TR 5], EEAER(t_graph_tbl) 51U 4E(t_edge), LR
B ) % T A TR P 321 5

WAELAL: BEBUR BINAE, SR . U FRE R S5 .
3.2.3. G_KD EEFENYRTRE

1) TR B MR s i BA Bt B AL BRAS MM T A, NI B[] 285 B 7 <00 T et 1) B 4805 e x T 4

2) FUHTER AN GG BT v_map WU RIRTI S, EEAEER S, AHIER-S MERTI AU DG
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3) mATH: BHFEERH VIR, BiREZORMEE T LR AT .

v_del[i] =

queue < > a:
+ num vert.

iF(v dellv]
v_dellv] —

i< LhI_le
h_tbl[vI[i]

Ivertex judge(u)) a-push(u);

a
il (v_delli] t
v_map[i] — tot++:

erl(lol — L _num_verlex);

Figure 4. Part of G_KD code (part one)
[# 4. G_KD REZER 53 (—)

te i
malloc _degli1 *

i) d
t_edgeli

t_tbl_len|vi j++ ~

t_tbl_len|v2]++

Figure 5. Part of G_KD code (part two)
5.G_KD fREEEBF(Z)

t_pre_deg[v_map[v1]]++;
t_pre_deg[v_map[v2]]++;
tot++;

ssert(tot t_num_edge);

i =©; i < t_num_vertex; i++)

t_graph tbl[i *) malloc (t _pre deg[i] *

t_tbl len[i

< t_num_edge; i+ {
t edge[i].vl, v2 — t edge[i].v2;
t_graph_tbl[wva][t_tbl len[vi]++ v2;
t_graph tbl[w2][t_tbl len[v2]++ vi;

free(graph_tbl);

edge — t_edge
pre_deg t_pre_deg;

tbl len t_tbl_lenj;
graph_tbl = t_graph_tblj;
num_vertex t_num_vertex;
num_edge t_num_edge;

Figure 6. Part of G_KD code (part three)
6.G_KD KB (=)
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3.2.4. G_KD WIS

G_KD Sy iR 22 < 1b-k BT AR, B9 5 ol 0 e die, Seal I feife, ARG
SREAERCROCEARD WL 4~6 AT7R). FLAZ O BRI Y first reduction 1) BEPAT 2 5 ELFE -

D) REWEN: BIEMIEREAZ S TSRS S, Aric b T AN

2) IEARLY I T PAFIE AR L FEROR AR RO T, [R5 SR AT T A 1 P 5 3045 2

3) Bl I T e B AR R, R A ROL, 4G WARREICS T 58 o8 i I 8
o

4. SWERS ST
4.1. SCEITMERE XA

4.1.1. EXBEEHNA

Facebook 122 W 25 £ i 4 : Facebook £#i4E K5 T Facebook #1538 W48 2 4 T R 1 ], HAr T AR
— K-S, BRRKS Z A o0 X H 5 B8 Gao 25 N [S1H AU EE A T 56 UE e K k-defective clique
BL BRI e o 2R S HA 114 MR E], ASCA ki 7 10 MH TR H ) GNP
G_KD %%,

Network Data Repository ${#i%: Network Data Repository WHE 1 3K [ #5445 ) 99 2% PR AL, G s
B B AR RS A& 1%, JF Bl 2 N T2 BB b o 8 S a i 139 ANl 1,
AN HkE 7T RAREMER 10 ANHB], XL G R/ N R R IG5 ) R g A S Bk
il

4.1.2. G_NP 1 G_KD B3:StI0 IS

FESLIES . C+

GniEds: g+, T -037 EIUEAT Y%

SBGSF 5. Workstationl 7. AL 8GB 1247 M AE, 21T CentOSLinux7.5 #:/E R4

B[R] BR 1) AN S Ak B ] R 300 AD(5 43 8)

ZHE . Hh G NP BVEH kK BUE N 2, 3, 4, iB47#UERTE A 300s, BT 3, 1M G KD
H kK BUBES BN 1, 3, 5, 10, 15, 20, B47EKIERAEIY 100s, BENLENTA 3.

4.2. G NP EGASLIG 4R

Table 1. The reduction results of GNP on the Facebook social network dataset (partial)
2 1. G_NP 7£ Facebook #1132 S HHEE ERIZIREERER D)

, EAN =PI
- .
instance Ep sy =2 K3 K4
A% 6 528 553 582
socfb-Caltech36.mtx 769
E 16656 14954 15334 15715
. A\ 2252 1893 1927 1967
socfb-Bowdoin47.mtx
E 84387 80901 81562 82260
fb-Swarth 42 mt A% 1659 1468 1499 1537
- al mort mtx
socib-owarthmore E 61050 59549 59968 60406

(F: RS LR EZ KRB, HARMOIZMAT R ER <5%, HER)

AR FH Facebook #1538 M ZHHRAEIIE GNP SVETERK k-club 7@ 2 PERE, 45 Rans 1 fr
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N, SRR Z B M . B AR EI(W 24 Facebook ) R 08 R A PR, IRITHAT k B 40 & £
WK, TR LA R BT B (A0 socfb-Caltech36)H, k=2 B TH A ZY IR IA 31.3%, ALk
1% 10.2%, SRR

Table 2. Reduction results of G_NP on the Network Data Repository dataset (partial)
%% 2. G_NP 7£ Network Data Repository ##EEE _EHIZIREER(ER )

. " 29985 A
inst N
instance HILE RS K—2 K=3 K—-4
\% 299067 315 94326 299067
coAuthorsDBLP
E 977676 7043 461616 977676
A% 131072 67 89645 22503
rgg n 2 17 s0
E 728453 571 51504 131747
\ 10876 320 9012 9951
p2p-Gnutella04
E 39994 65 37992 39040

SCIGEE AN 2 PR : K AESG RIS 2990 B2 BT, T A i IR & k2>, 40 coAuthorsDBLP 7E k =
ZﬁmﬁMﬂﬂﬁﬁ%w,bﬂﬁ%%ﬁ-ﬁﬁﬁﬁ%ﬁkﬁmﬂﬂﬁﬁﬁ,E% L I PESERAE
FHRMANIRBOR, Wb (U0 rgg_n_2_17_s0)2) 9 i T H % 1K

4.3. G_KD EEsTi4E R
PAF R Is AT # N (8] 100 s IS AT 45 R .

Table 3. Reduction results (partial) of the G_KD algorithm on the Facebook social network dataset (partial)
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