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Abstract

Image segmentation constitutes a core topic in the field of computer vision and plays a crucial role
in advancing this field. This article will utilize common traditional image segmentation techniques
to process materials, conduct comparative analysis of the processing results, and explore the ad-
vantages and limitations of each image segmentation method.
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Figure 1. Comparison of effects image
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Figure 2. Edge detection effect comparison chart
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Figure 3. Regional growth effect comparison chart
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Table 2. Comparison of traditional morphological image segmentation and edge detection combined with morphological com-
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