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Abstract

This paper studies the neural network method for semidefinite programming (SDP) problems. Firstly,
aneural network method based on projection operator is proposed. Then, the equivalence between
the equilibrium point of the neural network and the optimal solution of the semidefinite programming
problem is established, and it is proved that the equilibrium point has Lyapunov stability. Numeri-
cal simulation further proves the effectiveness of the network. By using the structure of projection
mapping and SDP problem, the neural network method can effectively solve the optimization task, and
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provides a practical computational framework for solving various semidefinite programming prob-
lems.
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Figure 1. y(¢) trajectory based on neural network (6)
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