Computer Science and Application THEHIRIZE R A, 2025, 15(12), 222-227 Hans X
Published Online December 2025 in Hans. https://www.hanspub.org/journal/csa
https://doi.org/10.12677/csa.2025.1512337

LLM7ERR 43 A Gl se £ B P RO A

e U EE A AT, b

it

Weks B . 20254F11 48 FHEM: 20254F12 50 KA HM: 20254F12H12H

wm B

N T G XANRA BB TAER RN RN AL FIRE SRR, #— PR/
7 B 3R Re KT, ASCHFFLHR HH—Fh 2 F K35 5 #8Y (Large Language Model, LLM) #3440 H
B RRER TR, FEAFESVSEIRAR BN IREAR. RREEER. A TR, Z2F AN
R HFRE B, 3558 T REB RS REE S, &5 TIRRARE T T/ERFEMNRE. L
AR RI, AR H BRI AR AR A Bl A 5 B R B A4 a0 B v o R A, wldk

—H B TSR P R .
KT

BAFIRRG], MEMIRE, RREEER, #xETLE

Research on the Application of LLM in
Intelligent Generation of Software
Test Cases

Dongsheng Zhao, Wei Meng, Feng Xu, Tiejun Yu

Beijing Jinghang Research Institute of Computing and Communications, Beijing

Received: November 4, 2025; accepted: December 5, 2025; published: December 12, 2025

Abstract

In order to overcome the strong reliance on individual experience and ability of testers in tradi-
tional software test case design work, and to further enhance the automation and intelligence level
of test case design, this paper proposes an intelligent software test case generation scheme based
on a large language model (LLM). It primarily includes the construction of a vector knowledge base
for test cases in professional fields, retrieval-augmented generation, prompt engineering, and
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summary and reflection optimization based on human-computer interaction. This approach en-
hances the test case generation capabilities of the LLM and improves the efficiency and quality of
test case design. The experimental results demonstrate that the method proposed in this paper can
significantly enhance the quality of test cases generated by LLM and shorten the test cases design
cycle, which can be further promoted for application in engineering practice.
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Figure 1. The overall architecture and workflow diagram of the intelligent test case generation solution based on LLM
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