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Abstract

The language emergency service system aims to optimize language communication, localization, mon-
itoring, and decision-making in emergency situations by enhancing information processing speed and
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integrating knowledge resources. This study explores the construction methodology of a knowledge
graph-based language emergency service system, which comprises three layers: the infrastructure
layer, the knowledge layer, and the application layer. First, a knowledge graph is constructed to store
extensive knowledge systematically and structurally in the form of “entity-relation-entity” triplets. Sec-
ond, based on the requirements of language emergency services, three core capabilities are proposed:
dynamic construction capability, intelligent language processing capability, and multilingual mapping
capability, to enhance the intelligence level of language emergency services. Lastly, four emergency
scenarios are constructed to systematically address emergency incident handling and meet the lan-
guage service needs in urgent situations. The research results indicate that this system significantly
improves the efficiency of language emergency services, reducing the consumption and losses of emer-
gency resources. The findings of this study provide an effective solution to enhance the level of lan-
guage emergency services and the reliability of emergency responses.
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Figure 1. Construction framework of language emergency service system based on
knowledge graph
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Figure 2. Knowledge graph is a framework for application interface construction

B 2. FREET N R O EAESE

3.2. BbEENE

B N RIR S A AE TE B NSRS VR AT . BRI, RnIR RS 0HE 5 5N SR SS IR RE (A LAEAE
AR SR RE . T N SRS B AR ST AT IR 5 T LA SR IR (1) WIR A A e
PR B BEE FRCRRT S Sirb s 305) KRGS BARGAE A ZPetriE, IITUE . SR (2) MEUE
FITTE B HERE S BREE S CEBE M BIET M) Q) KITIX =T L RE I SE N SRS -

3.2.1. SISHEENRAES NERFSHNESRESLERN

A MR I 98 RO T S0 SO AR B B, Sh A THEBE N SiMETIReaE ). HIReE
F5 45 B REAME BAC TP 4y o d8 I 0 2% 1€ BB AR e A MGHT [ st o 4R A SR HORIE SR IUE B, &
Web Scraper 2bEE 5, KA 4.1 WA Tk, mARGR2EECET.

322. BREEBARREAES RSB EELKT

HEE S EARTBAHNTE G, BRES ISP IERAR, i EYRE M. 4B RIE
RS, AT BEIE B BOR EEARILT B IE S AR RN 2 SR« RS S BB (U ph
W2% . KFLIHCIZIES . Transformer) & KV 5 B A EOR (W1 BERT. GPT). HIUjge . (1) #2715 5 H%
REJJ: 1EH A IRE S A FEEARR SCARBAR AT RNE AT . GRE T 518 ST, (VRN RIES . (2)
BRI B 55 B R E RN SRR RA R Rk 5 H P ARSS . (3) 1B Hr: KA BERT
TRV AN SCAR AT I i, T8I = S5 & 5325 . T BERT & £ )2 Transformer it (1
T EERBIVE S AT LML), fefliftm A G B SCRE R AR AR ElkS =28,

3.2.3. ZESHGIEIHRES MR RSESER

ZIEFW R — A REE LA NG FX R R, SCHLSIE S 5 BB S B A S R, HEX
WRBAE: (1) BIESE SRR %RV BB ARG S KSR E, SEELEE 5 (5 B 2R
XA IR EAE (U0 CSV. JSON. XML 456 28l ) 5 -8, Bl 2B F WA, 2) Hlas@ix 5k
FIRA: R RIE T RS RX T, SROUEHERIIRR R ST, (3) BURdR LA A A FR
R, TG RGN SE B ARG . B TR T BER AR .

DOI: 10.12677/csa.2025.1512317 5 TFEARY 5N H


https://doi.org/10.12677/csa.2025.1512317

BOIE, WA

33. NAE

FOAR I N R B B A R REIE S A AR . R S N R SR SRR T N U 8 R
H[12]e URERSONBI: 5 F 28 HARHR] SEIN AR 2 R N 03 56T RORTAE A 1) s AT AL T B i 7
RE RIS B DO R BRI s R ERE R AE R, WM AT IR A EE 5 X
I8 1] 25 LA BB 27 DR SR o X SR T R 1A S B I8 P S 15 5 N2 AR 55 148 98 T g 2 P SE A v 28

4. RO
4.1. AREEEE

ASCAHF Web Scraper T+ 2024 45 9 J1 10 H~2025 48 11 3 10 HMEREE T E A&7 B ek
JFAE R LR R FEA 5 B R E AR TR e . LI5S 4.1 RS BRI M, 5
s g ka0 4 pos . #ERRAT, BATBHRE S 79,981 FIl5%, #ixk 4590 ISR RS 13,372
FRAGL). BHmRMaEE 1 fos, ZHEREE A 3 pos.

Table 1. Knowledge graph database structure of language emergency services
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Figure 3. Knowledge graph of language emergency services
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Figure 4. Scenario construction of language emergency service system based on knowledge graph
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Figure 5. Technical roadmap for language emergency planning
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Table 6. Comprehensive application impact assessment (comprehensive score, out of 10 points)
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Figure 9. Normalized scores comparison across scenarios and methods
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