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Abstract

With the deepening implementation of the national “Data Elementsx” strategy, unlocking the latent
value of massive enterprise voice call data has become a critical imperative. Addressing the bottle-
necks in current data utilization—such as fragmented collection channels, inefficient processing
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modes, and shallow semantic mining—this paper proposes and implements an Al-powered voice call
analysis agent based on compliant telecom operator data. Leveraging the China Unicom Yunxi Plat-
form and the Yuanjing Large Model, this paper constructs an “Intelligent Agent Real-time Dynamic
Scheduling CoE (Collaboration of Experts)” engine and an Al-powered voice call analysis agent. The
CoE engine implements task planning and multi-model hybrid scheduling mechanisms. This engine
achieves end-to-end automation encompassing voice collection, high-precision transcription, multi-
view semantic understanding, and structured value output. The Al-powered voice call analysis agent
constructs a multi-view tagging system based on stakeholder theory, which is introduced to adapt to
the analytical needs of various business roles. Comparative experiments and empirical analysis
demonstrate that the proposed solution significantly outperforms traditional baseline models in the
F1 score for key intent recognition. In a practical application within a logistics enterprise, the solution
drove an increase in the order pickup rate from 62% to 92% and reduced customer complaint reso-
lution time from 48 hours to 15 minutes. This research provides a replicable technical paradigm for
the assetization and market circulation of enterprise communication data elements.
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Figure 1. The architecture for the proposed Al-powered voice call analysis agent
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Figure 2. The architecture for the proposed CoE agent
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