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Abstract

In practice, psychological analysis excessively depends on manual experience, leading to low efficiency
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and subjective deviation. To solve this problem, this paper proposes a multimodal emotion analysis
and personality assessment method for public security. Through field research, it was found that
the core demand of interrogation is to accurately capture suspects’ emotional changes. However,
existing unimodal analysis methods—whether focusing solely on images or relying exclusively on
text—fail to comprehensively cover the multidimensional information in interrogation contexts, ex-
hibiting obvious limitations. This study first conducts an in-depth analysis of the core requirements in
practical scenarios and identifies the limitations of current unimodal analysis methods. On this basis,
a multimodal dynamic feature index system integrating micro-expressions, body posture, and linguis-
tic text is constructed, and a theoretical framework for an attention-based progressive cross-modal fu-
sion model is proposed. The research finds that this framework can effectively capture intrinsic corre-
lations among different modal information. By introducing mutual information constraints to optimize
feature representations, it provides a feasible technical path for more accurate and stable analysis of
individual emotional fluctuations and personality traits. Furthermore, a lightweight intelligent analy-
sis prototype system is developed, clarifying the collaborative integration approach for sentiment and
personality analysis. This research provides objective theoretical support for the dynamic adjustment
of psychological analysis strategies and holds significant theoretical research value and practical ap-
plication prospects in psychological analysis.
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Figure 1. Framework of visual sentiment analysis model
E 1. B ERELSRE

21 WEFIJERSHIERERE

BT IS TR, AR B S SIS b R SRR B B, WU A “HaA - fah”
O O, IR AR, AR WA A B, W 0% i RS .

HEARE S B R AR P IR . X — B OB R R R AR R, DAAWETCR K CASME 11 dfE
MBI, A BRI F1, 0 R U SRS T R 2 (E A b, Ay o B AR A% O ISR« 2
BB, R IR L SCATE I SR (T 0« E455), FeA O g i A5 BUE T A IAREE, A A
NFREFWCRTE IR (A 147, IRME . 38 ) AR TS 4H 19

B2 S R RE R A WIS B AR, KR AN R - B hnas” MNIR LR 45,
W4 2838 3 Ry R A% FE T S T 2 AT T A R, P R o K B bR RS S SR AR R T 1 22
Bio BEJE, AURRIAEARSEIEBE L TR, AR WA TS EG TN S R A E
I FLSERREE -

BRI ZRTE R, AN TSR B I (K S R B i 78 - TR IR . RARER AR R, B
SRR, BAER MR, B E BRI S, R R B T 2

2.2. BigEAkS FHEXIHFAERRE

7393 INEE K I R AR Y A SR BRI . K R 2B N VGGNet-16 R[5, AR 25 h 3 L A
REEMME R IRALE . &R R X, A2 P AR — ML, 5 B AR . X
K, BURE RN IRAGBARRFAE AN 2 SR AR . X R A A X IR SR, 7 B ST IE L H AR Al SR
FEEENT, 75 2 R Ja SERFAE Al 5 R RACR —— X th R A FE A R DA R i S5 ) — A SR B A 1

23 ETEBRNBENFEME S,k

BB R R &, R IRTHERRE RERSCHE . ] R ARHIE R, 2 PEE A T A RHEiEE . (2
FENG A TALSS T, AFIEE R RE AR, HEEMIFAME. sy W B, 5“8

DOI: 10.12677/csa.2026.165162 44 TFEARY 5N H


https://doi.org/10.12677/csa.2026.165162

Kl &

&

AR “ERE IR AHOCHRHEEIE, Btk “oPHrSUE” I O . %2 Squeeze-and-Excitation Net-
works (SENet) s = LI 1 JE K, TEFRAES 5] N T — /NS 1@ IE = . 2R
THEE R T IR 4 T

B NFFE A U = [ug, Ug, -, uc), o COMIEIEEL, uc N ¢ MEIEMFRHIE. w4 R F
PRt A, B RN EIE N RHE G — M, S REIE R IR T 2eRC:

1 H W
Z :[mj Zzuc(i, i)

i=1j=1

Hop H x W R P 2 TR R <),
B o, BN E AR T, S Sl miE A AR IR R e &R, AR R A E seR° .
s=aoN?50NPz»

Horbr 5 09 ReLU BiE BRI, o 4 Sigmoid B0 BRI, W A W JyRT 22 2] BB AERE, 730 SEHLIEiE fr 4k 5
W=
B, R JRAERHIE S R IR E IR IE AR, 19 3 T HE S RHE O

Ue =S, U,

XA 2 7 A R AR AL B AR — AN R BRI R, E S SR R A R L ORI
2N RS AL T —— 1 9 5 L@ IE (R, A EELEIE R TP QiR IS R AT B
%, BUREIEECE AR R SR IE R R . X — 1R, LSRRI AR R L], A TR
CNFBHR” RPERARMMILLR L, i NYRIER, i G T R G 8 X I AR AL, TR
TRIEFAEE . WNERZE 4T, SIATEE LA B TR R A SCBRAE, - T A5 24 312
BE7T, AT SEbR iz o s A I A B R

3. ABTHEIREIRILHESS

MR R A BT R oG . FESERR iz, PPA N R ARG E AR, e B T4
NATIAT y, A8 KBS AL R AL 2 RO B AR . BEOR A B R B R A& TH SRR, T I e
ARG RV (R —— OB T S, P R NS 1) 22 B2 e SR 5 2 A R S LR, AR
FRAM B i —— (R A VBB HE SR N T iR 2R, AR A L AMA

3.1 ARIERERSITEYEE

AHFFCR K D ARE BRI AR B A XA A T NARHERZ, 2% B i SO (B 1
P W DT R — N NE RO F Y MIREEE s RSTIERILSE I SR BRI ST Ah Atk &
MAZRETTRNE T3 EANERIL G ERBY AN BB s #he i n s R e . W Z WM, A&
TRET AP BB HE S, K TR SCBLR A R S0t ik, 45 & & MBEE R S HRI 2502
et
3.2. BETHABEN ABHERTATITIE

DA B TR C I, NASHS B RESS N AMAIIAT A IRIE A5 CUHEWT . BEig B, SORKUERE AL o KodiE
HAT LA E M AR R AL (1345 5 o RO AHIE T H AT AN SEOLR AR AR THEEAR A, (HIRATIIR TR R I3
ARt ——IHL G 2 AT, S A KIS AE LR, My dd il s bz 5 (I ARG T SAs e,
WEORAE R S, SCRESRTH RS HEWT R HERA 1% .

DOI: 10.12677/csa.2026.165162 45 TFEARY 5N H


https://doi.org/10.12677/csa.2026.165162

Kl %

3.3. RS ARSI EIRL S HESR

BRI — D AR L OBIRES, ATRERIA S, SR RN, BA IR E; AT
gL — D ANREIVER R, BN A R AR . ATURWE LS, B @ — A FE
SIHTRESE . IXAMEZR AL, SRk “OHERIRES” A KRR ARSI, ST A MR

XAMHEZE A% R 25 5 6 S SCEMIER RS ECR RZ 38 . 8 BB AR B ) B AR B, T2
WECH DT B BRI, RAERBAEL TN IRE%, CEMREEEE RN EE; sl
A NIRRT AT, o e S T 28 OV AR S —— LU R R T AR 2, P 2 5 R IR G2 v
THREERERAE, X P RINEZ AR DA EFTLE -

4. IRBEHES N AR

AR L O A B R T R AT A TR SR AR SR AIE, PG AR S S PR RE S A R RIS,
X NAS VAl (0 B RY L I (R 2 FHAE SR, AT WIAT PR A S A SR, 3 WA LA S Bl 55 o 1) 2
WHME S NI BRAR, W ORI TR RN & SEPRTE K

4.1. BEEMESRITES

N T WAL SES B TR RLAE SEBR I St AT AT VE, /3 BRI s R B S At . AT FU L O ]
BHABGEMER EEEEPE 11 (CASME IR LS IREUELE . 128008 P2 1 BT 55 Rl i R 2 A
BB SRS, LTI AR A T AN SRR PRI A T AR 1 —— X e, AR R R S Rk
MRS ROIRES, AR A N R BRI R AE R . A 0 A% M2 e e (0 ™ R A A P,
Hde Fr A B E B IR, AR T A Ba U T AR RO, Rl sy o T8l Ra . e
B R ARARE AR « AR OB TR ORHIE TT v, Ml e MRS B EEAT S, X AB I B e 2R O F 7™ 4%
JEAT BABAURE H A 0 SR A

XA K P A SR AT R e ISR A, L SO SR At 1R A (0 15 TR
P (s A USSR R 0, RSB S HERA, A7 B TR R R SR Rl IR e —— A %
S NIIRFRAG ATl B3, I CASME 11 #di B2 A i iE B AR AT SR L T
2,

ZER RS S0 KR WE R, BEEZ S BRI RE A . ERoRRt -,
A DAPRIE RS i MR BT, REA RORA TESAE BT, AR SRS AR R . AR, FAA
A RE 7> Bt W ORINZRATINE O AR R, X REAT DU SR iz A RE 70, @ e R B 4
&7 —— R R R R, EE BRI R, Xt e 2 TR S 7 B
RIERBARE 5

4.2, N THEBERERL A

NP VRN AHIT T2 B Y™ JE 5 U Rl e A Bk, AT Rk S ST A A AR TSR 5 2S5
A TR B NS PP BEAR AT PR R B T 5. R AR DB 2 F A . B I s
TRHER A2 N A AARHESE, FLLE BRI 20 W 5 NSRNAR I SRAAE, & & TSz S A EHA s
HIVARIFURM, AMARRE S S0 B R EIURAE,  BEReAT RPN SR i, OV EATH AN
PPAEERISHESR AL 1 IS RS

T BRI AR, AT LB TSR RS AR R SR R I S k. A TR AT
HUSHESEME, AR TARTRAEMAL B, B MaT . fF 0B SRS N dn s, HEzhA

2. IXEEg
HR, T
CIEECH

DOI: 10.12677/csa.2026.165162 46 TFEARY 5N H


https://doi.org/10.12677/csa.2026.165162

VTR R AR 7 ) SR
4.3 BN EIRSHBEDH

AT FEHRE AL A AT (KA 0 BT S R A 42 R 3 LS B RR I OCBERHE . B IR 2
Gr#T, XFRRLE T BN A RTR A B RHE SR A R ——E R R SE N RS E S, BERE SR T
BRI, WAL, RS R EHEERN .

I IEVE 2 A HLH RSB 55— QIR . 2L (A AL B i 113 S Hh 2 o S IR IE S 3 1Y
EEMENE, ARETRSHEEOCHIREREE . NEIS EUF, P TH A1 SRR X 406 1 kR
WRIBURZ, RIE A TR 2 B 0 = S M A (L SRR AR S5

ML TG EL AR BE AT, SR 2 BN R S0 (e TIN5 SRS A SR U 4%, PG IR a5 A5 ) 27
RZIRSALSS i WAIBR ARG SE A, ORIRP RS R GRe TR, VR R JIWLI A B B IE AL 208
B b REAS BRI A KUK, SETHERU B R A HIZ AL fE

FEFRBVEAHESS A, WR FIERA 2R (Accuracy) K% (Precision). # [ 26 (Recall) Fil F1 435U/ A% 0
PRALERR . X SeHEbR AR 2T AT RS X200 By R ERE, SR AT

, Recall = Ll
+FP TP+FN

Hrr TP. FP. FN 2 5IZRR FAEH . B E AR 5749 ) B & o

BEAY AR AR RICR S B Oy S IR AT Bevt,  (H R R SR AT AR G (9 2 8 B FH 7 ) —— e % T i s 42
B M2 G S 2RSSR . Ma0ot 0P B E R IOUE A R QR & B, Aokl o 7837 et R
Al T ks, w R — D AR AR Y A B S R A P 132 AR

4.4. NETHERBNHENE

ARFF I —A B L B AR AR — MRS THELE, RS Eh AR SRR A . BURSEEE I AR Pl
WO, 0735 R A SRR, ELANHE 42 F BT A0 A B A

i B — BRIV AR PR A O R RGBSR AR 2T “W L 1Rk
A L RIS REHENT L e A B B PR ARG, B FTRE S AT 45 Hh L Bl S 53T o e
KUK R o RN A IR A FT RE BRI 46 AR ST, SR 2 B A 4 T/ R o X
AW, AT R G S — AT I R B, T B 4T A B S A T AN AR, Xt R A SR
I FVRE 2 A D 2
45. FEHbA SRR Aifs

75 I W TR R AP A 0 SR P h TR BN, R AE AL 25 1 5 rp R A

I 2% 25 1) K PR A4 5 B 17 S, R N 2 — . KPR R G0 T L #5441 i
BHRHEAT E B, st P GO AT 15 S 0 2 S5 BUkont SR o ZESRIS I T AR, i R A T
IHTRERTAEST, T ELZS 58I 65 B, (E1% RGREA SR X — e 5, SR ER 1 0 (0 A RIURS YE
Sy LTI 1S 44 SR SR A B B O S
5. &5

Precision =

OHEHTIE T, TENBEDESEE T, B AME SRR R OERES . R 5T
%, AERRER LR NE S, RN R ET “SIBEE” 5 “FRERRT AR

DOI: 10.12677/csa.2026.165162 47 TFEARY 5N H


https://doi.org/10.12677/csa.2026.165162

Kl %

JRNFIEER . BRI BSETR, AWETESE T AN I A 5 RS PEAL P R FORE SR, 52 U
T N BUPAS K BRG] AR SLRAESS, SRt SR, ARSI EIR S, e TAERSEPRT KK
G, AWFHERE RO SN TOPAIRCRAR TR0 0 i B A o Ty 56, 9O B0 Ay el 3
WHAN AP B EE S, X MR AT T A% AN BT 7 o

SR, BETCRAE THIDIR R B, A2 1558 2 Ak ATt st LEEHEAU 2 5l AT P e Hr o
PR B S 5 S AR R . RK, R BRIy AR 7L — M@ I biERE
AEI PR TAE SR 2 BEHURE, RIS 5L SRS A, 3RTHER S iE R RE 1. — 2
W TCERC QBT LA RIS O R 5/ MEA 2 2 50k, iR Ba sk . S 5 2 A, SRTHRE A ST
SOERCRE ST = RVEIIE RS AR AT, e brik R, HESHERREMONN . S HAR2 T
AL ATEE L SEHROR REAL O BASBIRFIBORE R, VDB B TR R REAL . ReHEAL R SR HIARSL
.

SE K

[1] Yanulevskaya, V., van Gemert, J.C., Roth, K., Herbold, A. K., Sebe, N. and Geusebroek, J. M. (2008) Emotional Valence
Categorization Using Holistic Image Features. 2008 15th IEEE International Conference on Image Processing, San
Diego, 12-15 October 2008, 101-104. https://doi.org/10.1109/IC1P.2008.4711701

[2] Borth, D., Ji, R., Chen, T., Breuel, T. and Chang, S.-F. (2013) Large-Scale Visual Sentiment Ontology and Detectors Using
Adjective Noun Pairs. Proceedings of the 21st ACM International Conference on Multimedia, Barcelona, 21-25 October
2013, 223-232. https://doi.org/10.1145/2502081.2502282

[3] You, Q. Luo, J., Jin, H. and Yang J.C. (2015) Robust Image Sentiment Analysis Using Progressively Trained and Do-
main Transferred Deep Networks. Proceedings of the Twenty-Ninth AAAI Conference on Artificial Intelligence, Austin,
25-30 January 2015, 381-388.

[4] Chen, T., Borth, D., Darrell, T. and Chang S.-F. (2014) DeepSentiBank: Visual Sentiment Concept Classification with
Deep Convolutional Neural Networks. arXiv:1410.8586.

[6] %EE/K, BUACHE, fEPHRH. EUGEER S RH X RN A 1S A [0]. THENLRIA, 2019, 39(8): 2181-2185.

[6]1 #pmNyd, S ds, MR, B FE, FGERE, WASOW, BEE £ RS SUBKIAE:E A& 1) 2 4828 7 T 2 s
AT HTIEALI]. A K2R (B SARLEERR), 2025, 61(2): 223-236.

DOI: 10.12677/csa.2026.165162 48 TFEARY 5N H


https://doi.org/10.12677/csa.2026.165162
https://doi.org/10.1109/ICIP.2008.4711701
https://doi.org/10.1145/2502081.2502282

	情感分析和人格评估研究方法框架
	摘  要
	关键词
	Research Methodological Framework for Sentiment Analysis and Personality Assessment
	Abstract
	Keywords
	1. 引言
	1.1. 研究背景及意义
	1.2. 视觉情感分析研究现状
	1.3. 人格评估研究现状
	1.4. 多模态融合与协同分析研究现状

	2. 视觉情感分析模型理论框架
	2.1. 监督学习框架与数据标注原理
	2.2. 图像整体与局部区域特征提取
	2.3. 基于注意力通道的特征融合与分类

	3. 人格评估模型理论框架
	3.1. 人格理论基础与评估维度
	3.2. 多模态数据的人格推断可行性
	3.3. 情感与人格分析的协同融合框架

	4. 模型验证与应用研究
	4.1. 数据基础与可行性分析
	4.2. 人格评估数据基础说明
	4.3. 模型训练过程与精度分析
	4.4. 人格评估模型的协同价值
	4.5. 在其他业务中的典型应用场景

	5. 结语
	参考文献

