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Abstract

With the development of technology and the continuous expansion of applications, generative de-
sign as an emerging design method has been widely used in the field of design, especially in recent
years, the computer computing power has been significantly improved, and generative design
based on generative adversarial network has also come to the fore. The purpose of this paper is to
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introduce the concepts, principles and applications of generative design, and to discuss its rela-
tionship with art and technology as well as the trend of future development. This paper argues
that generative design not only brings new ways of thinking and means of creative expression to
design, but also promotes cross-border communication and integration between design, science
and technology, and art. This paper takes scheme generation as an entry point, starts from the
logical thinking process of design and the characteristics of machine learning algorithm model,
establishes a scheme generation model using adversarial network based on the theory of genera-
tive adversarial network, and generates a new design scheme through the integration and analysis
of the design elements, and splitting and reorganization of the elements. The use of generative de-
sign for product solution generation has high feasibility and large development space, and has the
advantages of saving design cost, shortening the development cycle, responding to the market
quickly, and providing a large number of choices.
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Figure 1. Design of the discriminator
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Figure 2. Generative network generates cup models from latent variable sampling
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Table 1. Affective imagery vocabulary level 7 rating scale
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