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Abstract

This paper proposes a novel projection neural network method for solving the Semi-Definite Linear
Complementarity Problem (SDLCP). Theoretical analysis shows that under specific conditions, the
proposed method can guarantee exponential stability. Moreover, an example is presented through
MATLAB simulation experiments, which fully demonstrates the effectiveness of the proposed pro-
jection neural network model. The neural network framework proposed in this paper provides a
promising and practical approach for solving the Semi-Definite Linear Complementarity Problem,
with broad application potential.
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Figure 1. The evolution of x; (t) over time
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