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Abstract

[Purpose/Significance]: Current trends forecasting research focuses on a single design element
and the sales of clothing, rather than the overall clothing style. In order to solve this problem, a
clothing style trend forecasting method based on design element is proposed. [Methods/Process]:
Firstly, the clothing products are transformed into a combination of design elements. Secondly,
the Apriori algorithm is used to mine the combination of design elements that frequently ap-
peared in the best-selling products, and then combine the popular design element of the new year
that the gray model predicts. Finally search them in Baidu search engine, and filter them by using
PMI to improve the accuracy. [Result/Conclusion]: Through the analysis of sales data of a clothing
company and web search data, it is proved that this method can effectively predict the clothing
style trend of the next stage.
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