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Abstract

With the rapid development of computer level and database technology, deep learning based on
neural network has become the hottest research direction in the neighborhood of machine learn-
ing, and artificial neural network, convolutional neural network, BP neural network and so on
have successively been widely used in various fields and achieved good results. Nowadays, more
and more financial scholars also focus on neural networks, using network technology to establish
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stock closing price trend prediction model, and have achieved significant results. This paper is
based on the gated recurrent unit model (GRU) and long short-term time memory (LSTM) model
constructed in python to predict the closing price of Everbright Bank, and compare the two algo-
rithms. The empirical results show that the prediction accuracy of the GRU model in the three
evaluation indicators of MAE, RMSE and MAPE is higher than that of the LSTM model, and the fit of
the test set is also the best, which is able to respond to the trend of the stock price fluctuations to a
certain extent, and provides a simple and practical for investors to make investment decisions.
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Figure 1. LSTM structure diagram
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Figure 2. GRU structure diagram
2. GRU Z5#[&]
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Figure 3. LSTM fitting results
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