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Abstract

With the gradual and extensive use of artificial intelligence technology in business, the impact of algo-
rithms on market competition is becoming increasingly significant. According to the different roles of
algorithms in price agreements, they can be categorized into monitoring algorithms, parallel algo-
rithms, signaling algorithms, and self-learning algorithms, which results in four types of algorithmic
collusion. These four types of algorithmic collusion bring challenges for law enforcement agencies to
determine the illegality of monopoly agreements and the principle of attribution. In view of the anti-
competitive effect and antitrust dilemma caused by algorithmic collusion, law enforcement agencies
should improve or construct the system of ex ante supervision, ex post attribution of responsibility,
and determination of violation of law based on the technical principle of algorithmic collusion, so as
to choose an effective path for the antitrust regulation of algorithmic collusion.
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1. [E@RYR

7E3EE CBS LA T 2012 SERE H R4 (BEIBiEE:) &, E2ZLL—F) “You are being watched.” 1EA
T8, R AN NS A VS TE L R r i b, A I XM OE BT AN BE I A AL TR A T 10
B X2 EERATORY . MOXAE AWIE R L R 5, CRBRHIES RIS 58 5 AR AL,
FEREHEA N LR e R R IGEIRE) T, 0k D2 oA G RS F AT BRI R 7 ) B 2
S, BWRE, — I EE F R S AR AR R AN AL 2 AR A 75 T A AR S AR AR i

SR, Sk B AR X A AR H a R . BAREIE DL “HORT L FERHEN, B0 FIF R & Blfd
FF R ST, AP R S SRR A R, BT N R RE, DA S . &
PAEEN . B AR AREATAET RSP EHAT, b, BRaRse s ss
5 PR B3 0 B RO A AT IR R k5, SR G2 Wi R AT AR B, — R o A Bt ) 22 B L
S8 R S o SV R AT AT A, SR T S R S AL L [FIAT NI EAME AR 55 A, BRI
FOLG R T HARM. B bR R . B E N S8 7 MR A I, AR T,
PURISE SR 2% MR RS, AT AL G FAT A SEA S R0 a7, B8 SO & WA B A 32 240
W T S R PR35 A B e 7 28, TN BV B U T RO LB RS B S B Z SR N0 AT, 10 AT SC AT
AILAEH, T 5EE RS IS AT HLETRE s B 28 AR 8 B A I AT, 7EbIERn BxE BE A
WA AR RAT A 7 Re Dt . ST, ASORX IR BT, DR E R T A1
7 2 G AR A PP 56 4 R g R

2. HARSRNRE U

TEFVRG WM |, SE 2% Ariel Ezrachi B N EMEEH, FoOEMmRAE. WTHRS
PMBFIRE FREW]: LFA1ES KB4 Z(OECD)AE 2018 FARYE Fyd e SL i sl b 1 18 F B L0
NG PATEEAER. BSHEAEU LA EHEIREAE. ZEWATME, AT 58
FOUERG—, ARSCKKF OECD X &L AWk,

2.1 EEEZEAE

R RREIEAERHT RS BN —MER, B8 E P HEE 30 550 i kst
ATIBERFNPEL,  XH7H 9% & FIAH O T 3 10 F A B0 AT IR 45, B AR AN A 55 Tk 1 o [) 1) — o 2 54T
Ko FEX RN, Bk ] DL B IG5 B 02 0 5 I A8 A B SRAB L, X USCER 381 R 08 1R A7 T ik
MEHGE R, an SRS I ) I T I S A% P 5 A BE R 01, B2 X i R SE b A8 T AR . AR TS
WRINZR B3 2= 7E 2017 SFERAT IR, TR Ui &R, Al — o R — 2 M5 568 F 1 i 2k
TR, Bl =4y 2 W R BRI A AT B Shi R (2], MedsEE 2 BrDA N Gtk vz, AR
B JE R LS A b I 42 () BB, IS AR 28 8 BN PATE S 5 50t, HERER
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i, e iziE H A I HA M 2 W 22 B Z A% S IR B R, X IR R G 7 e R A
foze it rh, SR S U A2 E A ARME AR b & VAT W AERFAE — AR AR IRAS T
TR A VA B I AR 11737 B RO R AR A X A% AT TR 2

23. ESEZXEAHE

155 I 5 RNA FIEAFAE ORI D o AH EUAD BT YA 550925 3 SR HE R TUBCEC R A0 B S AL Tk SR DD g
SE R EE T A 2 MRS B EL Y . 55 SRR R T &8 ¥ 2 1A LA R
BURGUERER, W 2 EE AW SN L EE RIEFNE S, BRI A EF KERFENE 5217
BT 30, AR — N E H AR A X TR B, e A E . fERX TR E T, —
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24. BEFIEEER

H B2 BE R FEILE T B T m ) — IR, AT (E BRI AL R R s B
FEEEI, TFRE P LR LR ReH AR FE AT oAl FERRAC A B L I BT 5E - AW 7 ] HoAth i
FARRAT R, TEE AR

TN TR RS L e B 2 5 7 AL HE N T 48 I 2% (Arrtificial Neural Network) F1 B 2% 5] (Deep
Learning). A& /& 18 F FH HAT 5 A2 70 0 28 ARABL IR AHE TS mUZ I TH UL il e S 28 1) L, JF NS
WM E AN T, T, SRR EAL LN 2 5 7 200 B AT A B B8 JR A R
FERGH KAl EATH] 2 EM A m g, bt BT RIS, ANFET AR TR BERRHE - >, TR
ST BER AT DASE R AR, ka2 “ibALas a2 2]” o BHubelan, EN LR RE F ¥R EW
PEIGH R 2 N, SE A B 5 21 0E R LLABIR ATIR =R BERHME T — R 22 W e 0. flinfe e
SEEVIER AT, BMELE E I ARATIE AR, 7 R I EER A R, HAKSR AT DL
SO ERBONRIR AR A, BRI [ HAR 2 8 R IAE S IS WA B E T . e
Yy e e AR SRR AT — RS, R ZA B QY BOA S mRIERBME L E T A R X
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{9 oL DR (58 A2 24 AT 14 5 2 W A0 D e DL -5 A BB B 1) SR8 5 AT IR L 2
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T RESR R 2 R R SE S R U 2 R, RIS i T S50k A VR R B 2 7 S A B
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£ 2021 SR 55 B B Wi 2= i R AT (ST T 6 @iF SN S 2B fia ma ) (LR AR “ I 2B WrfRTE 7 )
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RS BOR G UAT BRI . B 3% 2 SR T N TR RE A LR A B AN R T He Al 52 i i
B Ve, FFRE X — B AR R SIS S RAT N . IR R TR A — e R B R A A
SREHFZEORE, ERIAE REREER TR T B 5 FEH BUR &R REIE M E LS BR A
Mo — 5T, BRSSO SE KT RS R AL S B W R T A 45K, 3G AT A E AR HE R ) s
3 T3, SR AT AW LIk AR E B A RN BERAZ A AT ot B R AT A R (S B R
€, T H B FIAN R BB F AT A LR NEE S, BRI SRS I A el TaE
UEEPEIE R, DAl 4 L0 T BT B0 T BRI A DA e AR o 27 A 5 TR

3.3. BEFIEZAREMTEAFHE

T WREEEAER. TATEEGH. EoEEERNS, FHEGWHBMMEERE, 3T L
W HA N E B SRR A, KRS E H & WA E FRE KRG RUWEFE5
LW, WHTR, FEEIGES L83 REFAEA 8, NHETk r S . —J5m, — RS,
A REERNER I E 20 e =Kk, MENEMHE . SIS RE LS R BN &, IX 8 FR7E
X AR ZB AT BN T A€ 2 SR TR AN [4] . FRHIEHE, B ek N LR RHASHIEAN
R AFERARBESR, F AR NA I B S EFIEN A HE LA X 73 50025 1R AT e U B AT I T B, fe 2%
12 B A 1 ) PR A

RIERE RZBWE) HE, ZEPh N SHEFR AN B SH LR BERNBIEN, MiHE%2]
S IR R SR A . 1%, RS R R F R B W EE A R, B A R EIE AW
MG EH B ELEFIETIRIY R ? N TR REARIER —MIERNEHEAR, SEaHEEARR KT
X M 2 75 BN Wl Ik 2 ) I 2R AT B IR A A B R e, bt N AT RE R I St 32 E AL B4k
(Data set) FFE#EN X (Benchmark), 7EIGIEAL FAE BN T P28 IR FE2E >0, At —Fh 5 AR AE AL
gk, XFheh g B Ytz AERVE I, (EafE Bk IR “ BARERAE” , A M Do e Fide
THAE, ST LA EE M AT ARG RN TREE MR E. £Ti, X PRERESR
Rz e ). Kk, EHRAEEAKBIERNEL T, fEREILTTRENH B FHERFAR S K
TE? XA A R BE B IR T B £ ) FIEAR G ML EAR T . AECFRFF AT, BEFIR
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4. SEEHZEGTHTAAGIREEIL
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41 ERENEESEREERGASHKEXR
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4.2. BURMTERARER
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TS SFETT R BENLR LSS, W BFALE I YO B 555 . BRI, i ZEEH R AL B BURAS
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