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Abstract

With the development of the financial market, there are more and more types of financial products,
and consumers have more choices. In order to analyze consumers’ choice of financial products and
make relevant predictions, a financial data consulting company assesses customers’ demand and sat-
isfaction with financial data services and database systems. Based on the survey data, Adaboost classi-
fication algorithm, K-nearest neighbor (KNN) classification algorithm and random forest classification
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algorithm (RF) were used to establish prediction models. At the same time, we carry out feature im-
portance analysis for each model to explore the influence of different factors on the selection of finan-
cial products. The results show that K-nearest neighbor (KNN) classification model has the best predic-
tion ability. The interpretability provided by the three models basically conforms to the actual law, and
the characteristics of the importance ranking law are basically the same qualitatively: storage index 2,
the use time index and the size of the database have a significant impact on consumers’ choice of finan-
cial products, and the proportion of whether there is national economic data is the lowest.
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Table 1. The proportion of importance of each feature

=1 EMFEREZEMEES)

FHIE A FR RFE B
15 FH B[R] FR A 9.30%
EEB AN Bk L 0.70%
Ab HE I 3.40%
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Figure 1. Confusion matrix heat map of random forest classification model
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Figure 2. Confusion matrix heat map of Adaboost classification model
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Figure 3. Confusion matrix heat map of K-nearest neighbor (KNN) classification model
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Table 2. Experiment results
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