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Abstract

The financial data of e-commerce enterprises usually involve a large number of transactions and
complex business logic, and the collection, cleaning and sorting of data require a lot of time and
manpower, resulting in a low frequency of data update, which limits the accuracy of financial risk
prediction model. Therefore, this paper studies the intelligent prediction method of financial risk
of e-commerce based on improved BP neural network. First, the method selects indicators related
to e-commerce financial risks from multiple dimensions to comprehensively reflect the financial
health of e-commerce enterprises. Then, the selected index data is preprocessed to ensure the data
quality and the accuracy of model training. Next, an improved BP neural network model is estab-
lished to predict the financial risk of e-commerce. In the process of model building, we pay special
attention to the adjustment of learning rate, and balance the training speed and stability of the
model by changing the learning rate, so as to realize the financial risk prediction. The experimental
results show that the e-commerce financial risk intelligent prediction method based on improved
BP neural network can achieve a high frequency of update every 2 min, the average update time is
only about 1 s, and the success rate of update is stable at more than 99%, which has excellent per-
formance in updating ability, and can provide a new solution for the financial risk prediction of e-
commerce enterprises.
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Figure 1. Financial risk indicators of e-commerce
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Frs ) EA S EiERs)
1 MR 55 %% Dell PowerEdge R740xd
2 AEPEES Intel Xeon Gold 6248R (2.7 GHz, 24 ¥ »)
3 [EEESZNY ) A7 256 GB DDR4 ECC REG RAM
4 1 2TB NVMe SSD
5 SRS NVIDIA GeForce RTX 3090
6 BERS Ubuntu 20.04 LTS
7 N MFEES Python 3.8+
8 R Bmab ¥ T A Scikit-learn
9 ERTT RKIFEE PyCharm/VS Code
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1 30 15.2 90%
2 SCHR[L] 71 30 14.8 92%
3 30 15.5 88%
4 20 12.3 85%
5 SCHR[2] 51 20 12.7 87%
6 20 12.5 86%
7 2 1.1 99.5%
8 KITTH 2 1.0 100%
9 2 1.2 99%
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