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Abstract
This paper collects and analyzes popular videos related to Xiaomi SU7 during its initial launch
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period on the Douyin platform, exploring user concerns from both creator and audience perspec-
tives. Through descriptive analysis, it is found that while top accounts exhibit significant creative
advantages, tail accounts are also capable of generating highly interactive videos. Utilizing topic
modeling, the study reveals that popular videos primarily focus on passenger space, exterior design,
driving safety, smart ecosystem, cost-effectiveness, and driving experience. Emotional analysis and
word clouds indicate that the number of positive audience comments far exceeds negative ones,
reflecting a strong endorsement of Xiaomi SU7 by viewers. Negative sentiments are primarily cen-
tered on pricing, performance, and quality, and it is observed that individualized demands can lead
to varying expectations, resulting in comments with distinct emotional undertones. The research
concludes that video social media platforms facilitate the dissemination of information about new
products, and the data and comments from popular videos provide crucial feedback for enterprises
to optimize their products.
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Table 1. Descriptive analysis of raw data from popular videos
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W22 5 1,002,000 160,000,000 5779673.3 10,369,334
MU 1000 3985,000 93645.113 271096.9
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Table 2. Example of word segmentation results for video content
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Figure 1. Trend chart of Rényi entropy variation with number of topics
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Table 3. Keywords of popular video content topics
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Table 4. Example of word segmentation and sentiment value results for comment texts
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Figure 2. Word cloud of positive sentiment comments
2. RRBRAFIRIA=E

WA B =, B2 Fras, “CEXT CSTRET BT I SERNC A L,
THPREXNK SUT HFTIREE, IR LSBT S SR IR s O HE L, XA % IRt B m] A R T /oK
AR RE T LRI S AL I R AF R S DR R e RIS, ARG “aly” SEliC g By, i /il
XN SUT SERRAE AT 2 (v o, T HAE F P R 5 Thi vl e B s i 3. SRR, “ 8
BE” “HOR” “VRRE” L “H” SEEILIREE, RUNHE XK SUT R BER B, A BORET I
HIGUEr S VEREIRA IR IE 6. JeAh, R ORI BE” S m sk R AP S, BEARBL T S R /NK sUT
AR A [ [ 3 BE IR i 3 20 5 [ A% G4 S R SE S OIS AT Rt B R AR R 1 B S
Wi SR LT I, R R R SR S B R AR R SR R O R A B T
“CHMILT CEit R “BUE” SRR SRR, RN HE S NK SUT AN BT SR AT . RS

DOI: 10.12677/ecl.2024.1341755 5218 TR 4TS


https://doi.org/10.12677/ecl.2024.1341755

fT

ANNEHERISREL, I “%” “L” “Bu” S0, W 7 /NK SUT FEH 3 O i AR A2
TR, ERAFRTANSIL. B2, K SUT EWyBRARIEIR 1 2 B SR 17 B0 7 i i 30145
XHBRRBEAL S X SR AE A X0 M A RURR LU RO BT AR R . IR EEARR A S A5A /NK SUT Y
A i O PR T SR R

SO A T 1 1A 2 @Sﬁm,W%?Tﬁﬁﬁﬁ¢%&Hmﬂﬁﬁ? ks R EE e, <
17 “Bt” KB SRR EA B, R WIS B R 0 SRR B B L. BOREBE S SR RE
JIRI BRI S, “BR” “Hf” J “Hh” SHATEIAR A, R T S AR R IRV X LA KR
TR EIEE . 77 f R S TR UURA R B, CBRE” NG L CaET AL B, R T
T B AT SRR R BERE o BT S AN, L “Yeit” SRV A SO TEA B S B R
IR SUT SRS L, FTRERZE 98 (IS o sk IRST S E AR AR, @it “Fik” “f

57 SERNC R, ON T — KR R B RIS BB AN TR EL,  CER T L CEAMET R PR %
t]ﬂi R P8 0 A WA S A B o SEFMETH L BC O BIR B, “oF0” “S 7 S
FRIFE R, o TIE AR IE/ANK SUT I, 20K 5 ot b i (0 42 R HEAT LA, MBI TR 2T 37
SEAFIIEEIREEE . AR P RAR R, AL Wl SRR Y, P T A
WIANIG AL o T “BEgR 7 227 S E AR AN IR, 95 2 S W E A0 e I 1 4 . VK SUT
(FyJa SR8 N BT O R B SRS, RIS LA TR i O AR A AR 55 KT

mlmﬂfi‘:

B

féinh?c;LTiLiﬁ?ﬁ%mﬁ gz s jJﬁ*Li‘_}_i&

FEQIVE /EH$ x5 s«f"‘ 330

Figure 3. Word cloud of negative sentiment comments
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