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Abstract

The product reviews published by users are complicated and diverse, which contain various expe-
rience information of users and have valuable value. Based on the emotional analysis interface of
Baidu Al big model and LDA theme model, this paper analyzes the product reviews of Xiaomi 14
mobile phone on JD.COM platform, discusses the satisfaction and emotional distribution of consum-
ers in mobile phone reviews, and understands the core demand of consumers for mobile phone
products, which provides strong data support for product optimization, market positioning and
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marketing strategy of Xiaomi mobile phone.
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Figure 1. Text mining and analysis flowchart
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Figure 2. Comment on the keyword cloud map
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Figure 3. Cloud map of positive subject words
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Figure 4. Cloud map of negative subject words
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