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Abstract

Because the vegetable product information of e-commerce platform is complicated and the user’s
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preference is changeable, the recommendation matching degree is low. In order to solve the above
problems, an intelligent recommendation method of vegetable product information on e-commerce
platform based on collaborative filtering was proposed. By analyzing the purchase history and brows-
ing behavior of e-commerce platform users, slope one method and entropy weight method are used
to build user interest model, and the user’s vegetable preference and demand are deeply under-
stood. The collaborative filtering algorithm was used to calculate the similarity between vegetable
products by combining the user’s score data and behavior data to obtain more accurate product
association information. Based on the Spark platform, it realizes the parallel collaborative filtering
recommendation technology of e-commerce, and efficiently generates personalized intelligent rec-
ommendation of vegetable product information. The experimental results show that the proposed
method can significantly improve the recommendation matching degree under various experi-
mental scenarios, and has practical application value.
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Figure 1. Collaborative filter-
ing recommendation process
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Table 1. Experimental environment configuration table
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Table 2. Design the experiment scene
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Figure 2. Recommendation matching degree of different recommendation methods in different experi-
mental scenarios
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