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Abstract

With the volatility of consumer demand and the intensification of market competition, the baking
industry has put forward higher requirements for the accuracy of sales demand forecasting. Tradi-
tional sales forecasting methods, such as those based on historical averages or time series analysis,
are unable to effectively address the complex seasonality, promotional activities, and other multi
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factor influences in bakery sales. Therefore, this article takes Liangcang Bakery as an example to
explore the sales characteristics of baked goods and the factors that affect sales demand, and ana-
lyzes the limitations of traditional forecasting methods. By exploring the application foundation of
machine learning algorithms, a sales demand forecasting model based on historical sales data was
constructed to provide reference for optimizing business strategies in bakeries.
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Figure 1. Data cleaning and organization process
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Figure 2. Model validation methods
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