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Abstract

In the era of big data, all major financial institutions continue to make efforts on the road of digital
transformation. In the face of the challenges of the mobile Internet, digital finance has intervened
in all aspects of the business of financial institutions. In this paper, we use Python algorithm to mine
and analyze the user comments of financial institutions’ APPs. We analyze the collected 30,142 text
data with LDA topic model to find out the users’ needs and classify them into function, service and
promotion categories. Then we use SnowNLP algorithm to understand the users’ emotional ten-
dency, finding that the APP user satisfaction is not high. As there is an urgent need to improve the
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user experience, based on the quantitative analysis, optimization suggestions for financial institu-
tions’ APPs have been put forward to improve the overall operation of these APPs.
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Table 1. High-frequency words statistics
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Figure 1. Overall word cloud distribution

1. BIMRAESH

3.2. LDA XF{ZH S AL o4

7t Python i | LDA BIR3EAT 2 R2400,  $EEL 1000 ANMRFAETA FEIEAR 1000 IR, SREUAS [F) 3 8 ﬁa\%
g5 R. BT LDA BADNAENE 5], Bl nT Ak 4 B e et 3 A 5, B ki EUE .
PYLDAVvis X A= B I A 7] 2 AN B0 AT 2 AT SEN, 25 R an &l 2 o, AR I A ) 8
B RMUE B S EENE, SIEMIERAERE BN W2 R, S56W=EE, k=9, EDI%MZE%::
9B, FEEWESE /D, EZFEK, AR i, BRI APP 17K 3 M+ A 9
FhEAY

2024/2/22 F49:01

Selected Topic: @[ Previous Topic | [ Next Topic | [ Clear Topic |

Intertopic Distance Map (via multidimensional scaling)

PC2

Marginal topic distribtion

Figure 2. Visualisation results based on LDA model
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1. saliency(term w) = frequency(w) * [sum_t p(t | w) * log(p(t | w)/p(t))] for topics t; see Chuang et. al (2012)
2. relevance(term w | topict) = A * p(w | 1) + (1 - A) * p(w | t)/p(w); see Sievert & Shirley (2014)
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Table 2. Topic categories and feature words based on LDA model
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Table 3. High frequency words statistics for positive and negative comments
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Figure 3. Word cloud distribution of words with positive tendency
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Figure 4. Word cloud distribution of words with negative tendency
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