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Abstract

[Purpose/Significance] Personalised algorithms are an important form of contemporary Internet e-
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commerce platforms to promote purchase conversion, but algorithm-driven high user engagement
brings information overload, information cocoon and so on, which in turn has a negative impact on
purchase conversion. [Methods/Process] This study models the influence of personalised algorithm
intensity on purchase conversion of college students based on pressure interaction theory, self-con-
trol theory, etc., and constructs hypotheses. AMOS, hierarchical regression, Bootstrap sampling and
other methods are used to explore the mediating effect of user engagement on purchase conversion
of college students and the moderating effect of user privacy concern. [Results/Conclusions] It is
found that the increase of personalisation algorithm strength significantly enhances the user en-
gagement of college students; there is an inverted U-shaped relationship between user engagement
and purchase conversion of college students; user engagement mediates the effect of personalisa-
tion algorithm strength on purchase conversion of college students; user privacy concern plays a
moderating role in the effect of personalisation algorithm strength on user engagement.
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1. 518

TSR, EB AT MRS K, MY E SR N (R TR0 5 %, RE
2025 4F 1 H RATHIEE 55 X (h E BERM 48 Kk AR GE v i ) 1, #iA 2024 4 12 F, FRIE M RAEIE
11.08 12, FARIZRIEY I FAE 9.74 12, BiERIL 87.9%. ES5FE  “+ IR Hrgsr LML)
MR, E CEERA S A PSR A, DR R E & R BRI B
RSB, fEX—H RN, mFEMERN B R R, FLWL I AT v 2 00 & 85 4R br
FRIE. fifa, 24 5 DU G Hel 30%, HORSA4: N5k H 24k by ik sk 6~8 Ik, W& e T
HABFER BB

PEBEN TR RERAR IR, MEACHER B OO R A L se g ). TS B Chir—
AN TR A HT B AT 54888 TAE TR B “HRiEFE RS FI KRB ARBO T M. B 58
TN TR B8 IR FE 2 2] SR AR Wi A A PR A HE 32 S5 RS HEVE[1], Sk & 1 B0V 1 O i 90%,
P “Hxm0ay” ) “HEE0ey)” BB H S EE . SRS E HRIEEREE B E/E 500
%, BIEANILIE SRR IR (5 LU 2019 511 38% T2 2023 (1) 67%.

REFEFEARBEZERA THP S5, (AR SHAL R ) 80N 5 200 bR ia 2], B
Iy W B BLR R R oR, 2022 A R BRI G R SE R AR AU 2.3%, B 2019 R 3.1%
25.8%. HFAEHEHI “FES 5. KEL” HERERILS, X T EERREER KT IR E: RE
HHBF BRI 2 /N, (B3 3% 5 R B 28 AR SO AT B LB 8 25 v TAb 2 P K oF . 1X
R, HPZ517 8 EWRENZ R RAEE AR R R, BT AEIRFISL R Z RN IR AL . &
T FCKs IHIE 1) 71 B8 ST LR S 6 100 A A BV 3 P o A2 22 A T S A I i . D 5 B il A A HE
HRE, P PS5BS RREE — 2 il

V35 55 I (P IE IR A R AR UL GE TR ) —— TR SR T
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2. WaSLEe b R E R IRA ZARBRIE
2.1. EmERRA

1. HORHZ A

AR B %2 47 (Technology Acceptance Model, TAM) H Davis 5 AT 1986 442 Hi[3]. ZHL R IAH AR
RGESHSATAZMMEEEMR R, INREARIFIEMSAEH TAME, @ i N S T % “ 5
R =470 - B BH R . X — B IO ER T KA DI ATIR & H— g v, AP
PV EZEAR RS A REEA TAEBUEE SR 58ne: Lo RERmE M, 8 BRI
FE 5 2 ) AR B E VAN [4] . X PRANGE FESL R A T BEARR AT A R B i e b . EZRIT AR, %3
WHESEAE )32 B T2 M R AR X 2 B 7 R R (452 R [5]: OB FTH, TAM MIH 4 F T 4R 1 I AR
X TELBE T 6 RN E[6] . A HL RS A, MYEAHERE SR A B I BOR G kg Bdk, N 3
RIRZMARDL T X — BB T 2400, Sk P& O “ B R - RRIEFREL - SERTHHERE” 148k
PEEVEAN, BN o SRR, AMHEACHESE RN B AT 9 R 1 P A LR I AR A O
Ao [HAMIETE 2 TR RIS (TAM) 5 I - HUE - [OBARAY(S-O-R),  ESE B B S 5
HREA BRI [T]ERE WA 258, flan, Netflix B R SuE i PR g P oWE
WK [8]. SRT, [ P SCUERT A R T SRS 1 BRI« M S R 80% N, FH PR 57 K
HEFEE RS EF9]. X — R, SR BSOS BRI e R IR AR

2. THRAT N ES

THRI4T NS (Theory of Planned Behavior, TPB) 1 Ajzen S I [H P\ T 1985 4E ¢ k=, FH7E 1991 4F
S RGET T RGE BB HELL . ZER U, MEMAT AR M AR R AUR AT i SR
WesE, AT AR A B IRE SR N [4]. X —HRSRE, 1T AR CORE IR RS R, TR
BEs M 5 AR w1 R ST PSS TR, X = AN BE 3L AR AT D9 = 1 AR TOU DN BE il 3 T 5 ) S B AT 9 R B
[10]. 7EFEFEAIR, TPB NARHT AL A W P 2 51T R B SEHA AT A BE B ER 4 T B AE AL . P X
AMEAHEE IR R LS 5178, (SRR AR E ), iS50 8%, REHRY
AT N - DA E RIS 5E 5 A5 220 IEAHOC[11], (HEFEETE B S SHiE R, &
Z5EWRE GBS E T . 2F S R IEFASCHE AR P ) 2 38 R AT S AT i s s Bl
B XM AL RS BB AT TG 56 U S A S i ) T e S R A [12] . BRAR SR i = S B R E
T RF AT 2 N ISR N RIS 112 5, 0K S BORSRAE IR PSR 57, 55 e 72 A A 2R [13] -
SEE A DR AR U B RME B B 0] S A AR AR ST AR SR S . R, E Y (Z i
I TAT ARG ) Fa AT LIRS N B AN A BB A, SRS A R T T TR A N BB AE S
A FE St P 5 5 B S i e 2 AR I S A% 2R ILE) U BUE &

3. BRI

K& FATHE 18 (Privacy Calculus Theory) i\, FH P 7R A8 FH %0 Il 55 Bof < 78 B A XU 8% 1 5 AN PR AR i
A T 2 (AT BRAEALAT, BETT e HAT NS 5L [14]. SR 02, H P IFdEEh 2 4
ARFF, 2SSV “HBARILERA” 5 “IRSBHER” BElReE, TBRS 5% [15]. X —
R AR P AN A SRR P JE A PSR T OCRE AR R SE . — 5T, BV IR e R R
RS, R BRI B AR i = AR s S SR 5 — 07, FIEOBR T E R IR E A, S
BRI FE A . Rk, ARFFRER P RAIGEE WA AN, ERRA T EEIRERE
T 2 S R SR R o 0 T R RERL ST AR SR UL, Oof BERA XU RS, R SRR HE IR T, B 5
B R
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B FA TR FEAE A% O R AS B, TEBRSER AU ) V2 B0, H L5 5 75 ) 32 3 FH EL IR X A 76 P
BIARW S B v 2 . Billn,  H BRSSO AT G o ) A T O 2 3 A P B
FERE, NI S FH 5 SR [16] . FRBT YRS U AN PR 9 7 ) ) 5 2 i B — i 1 FH P B FASEAE, AT 52
FIH P S 5RCEGRNE[L7]. DAURAE BB AT, A2 84 F - Bk 2 R B S 46 I E AT B KB
1T RAVME A NFBRAL[18].

4. TRV

H A N AMIF T BB E 1AM HER FEMR T B AT N I BRI ZE, (EXBhaS AR R R B R B
SENR RETIBA L . ZHW R AR, U MR R S R R P 2 5 Uk
H PGS, HERE “EERE S 5~ R” REMRR. AN T EMEEEREAR
Wiss LI M ET IR ,  FAMAE B 8IS O PG s sz, BRI T Re AR RISk R A
SRS R R AR, B RIEER AN “HORAR” 5 R PAEAL” BSPESE AEE 1 EER T
il 5 SRR AR

22. REMESHRRER

MRIEBORIE A, HOR R G0 0 AMRAR T i A YRR R 2 FIVE RS AT 9 R i) SRR Y
SETH AT REE I FEARAS SR A SRR AS, KIEFREMAHNZ 5. B, A OR kAR
NAMBEORFFAERIBOY A 228, M HZEEREMN T 25 R 030, ETHRIAT O EE fp AT v i i R S B
RAT NIRRT AR &, B EREST, AP S 517 RIT NE R SEERRIL, R XHER: RS
BN NLFESE o 170 S AL RS SE BRI AT N B RAL AR bR, X RITHRIAT MBI T “AT ORI — SERR TN
WIREIATT o ARG LRV 7 5 5 BB I MEACHER BB UL A SE ThRE T B IR S5 77
BET IE A R SER AL R . (HABT ORI, ERZEESNSS 5SS, LSNELE2EEdETe. mT
MEA SRR AR T, R ATREREANE B85, AN I E R A SR 7R, X HERE 7 ™
AR, FEUSREALRIEL. WS 5SS AR EIE U BECR, £ Eilln,
M & 5 HSR T AT W SERFALR LTt (HEE AN REE, 25 RS8R TR & W KR T
Bo [RJRR,  FH P BEORL DRV BE B ML A R S P S 5 REIR R, AR B SRR . 2
R BSAARIE BE v i, RV S E SR A Al as, FLRER S B = 4 2 517 8. DL, FERARTE
FERFEIRRE 5SS 5K AR, KDY “diat - K7 sh R,

LR EZRIE, AW AMERSIEREY AR, KBRS 5EENRN AR, WIHER R
M I oF v S R S A A AL B, R P DR OGIE BEAR I A e, M 12 T 2 B LR A
SEMIREARY, s 1 prR. JFRH T BUR HI~H4 350t 4 kWUt

H2
H3

H1 H4
R BRI \\

/ AP35

AL SR VKA 2R

Figure 1. Model of the influence of personalized algorithm intensity on college students’ purchase conversion

B 1 MEUEREENSRFE WL LR mEE

H1: MEASERGR L R s e A P 5 5 R
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H2: BRI PS5 R SR AT LA R 2 [AfA AR U BSe R,

H3: P25 EAEN AL RIERE 5 m ke AR W SE AL 2 2 ) 48 U B Rl iR A B

Ha: F P BaAL ey B v LLA ST MEC RSB E T P 2 5 R, X —shilk s, A&k
RS P 5 5 FE R RS
3. BEWESHIEWE
3.1. ¥R AR ST

AW FIE L AELE ) AT, JEEI 354 43 a3, SRR RN 15 4y, RikbrAEaRE— 2 RIEH
A YT G R U R B B AN T 30's, B ) [EIUCE RCR N 95.76%. AT
SRR 1R, AN LB ZEA KR, ARVEEARVCGHIT S K, BN A 4RI EAR A
di b AR AETE S KFE AR 1000~2000 JG, PIRAMEASTBONTE R s Rl E R F R E, Wiy
YT G A KA — 2 5, AR R B AL T T & S HEE TP TR B, 2400 75 Bk
ER—EHLU S

Table 1. Description of sample characteristic distribution

F 1 HARRHES sk

Ap b1 D [ER4
5 153 45.1%
)
8 186 54.9%
LR 37 10.9%
. AR 218 64.3%
00
A 68 20.1%
L 16 4.7%
0~1000 7% 22 6.5%
1000~1500 7% 128 37.8%
AT B B
1500~2000 7% 127 37.5%
2000 oA 62 18.3%
. AIRFLE 257 75.8%
TR o
ToPRIf &= 82 24.2%
1By 7R 3% 45 12.7%
£ I 3% 77 22.8%
T A3 2 o
22 W S 192 54.2%
BRI 25 7.1%

32 RESHES

Sl I e L AR AU BRI TR T S AR R A R, TR R BT 0.6 RDNRIE.
FEARR I, BEAHTIGRWE 2 R, SRR NEERBHE 0.8~1 KT A . b U BIA T
FOITE P YRR B IR I AR — Bk, (5 AR

FERUEATIG H, TEAZ BT R &R H T8 KT 0.7, SIS SR B Ao B H B AR
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AR, BB RN AVE EIYIAF] T 0.5 BLE, CRAEAIER] T 0.8 DL L, ZRG nI LA &N 4E
P RA RSSO A S5, R R RSO LA

Table 2. Descriptive statistics of variables, correlation coefficient, reliability and convergence validity

2 TEmAMGT. BXARY. FESWSE

ol LR Alpha 2% AVE CR M SD
AL R 0.931 0.7399  0.9343 5.359 1.5431
HFPZ55 0.909 0.658 0.9058 5.185 1.3369
V) ST AL 0.971 0.913 0.9813 4.8621 1.23209
P BRI 0.949 0.6781  0.9498 5.114388725 1.287363709

TRAE 2 3 (IR ALE RS 30 45 JL AT L, CMIN/DF (K77 E B EL) = 2.354, 78 1~3 (156 4 , RMSEA
(RZEH T = 0.063, 1E< 0.08 I REFEE M. HFHMY IFIL TLI LK CFI it de g 5k s 7 0.9 P 1
RS K, RI, ZRE AR IR 3BT 45 SR v DAUGRH, A A B0 5 X v e 2 AR T S e AL 6 5 i) CRA 15
BEA R IE AT

Table 3. Test the fit of the measurement model
% 3. MEREEHERE

(=23 SE ik N R
CMIN/DF 1~3 NF5, 3~5 NRU4F 2.354
RMSEA <0.05 M7, <0.08 M RU4f 0.063
IFI >0.9 NiEF5, >0.8 NRLF 0.941
TLI >0.9 HhF5, >0.8 HRLF 0.935
CFI >0.9 ALF, >0.8 NREH 0.941
3.3. XM

HR¥E 4 1 Pearson AHIC MM 45 SR AT LR 20N ARE 2 [ A7AE 5 38 A OGO &R - IF HAGZAE 99%
R KT R RIS R RENEE R TS , SRR MR RE r 20T 0, HIkEZRaw
PABEBIFEAS IR I B e, B AR R 2 (8] #0935 I IEAH SRR &

Table 4. Pearson correlation analysis results of each dimension
2 4. SHE ZB)H) Pearson HHX S HTLEER

YipE APEA SIS B Hrz5E Ty S 52 F P BSAA G BE
AL SR 1
Hrz5E 0.676™ 1
Ve SRR 0.502" 0.602" 1
H BRI 0.562" 0.673” 0.810" 1

3.4. SEM BB EXRABRZRIELER
M 5 Fa] DLE AN A S5 925 5 P o) v A 2 AR ) S A 2R AR 7 A LB (B = 0.144, P > 0.05), {H
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T SVE SR E N ' 2 5 52 23 (B = 0.728, P < 0.001), HI /'S 5 R w5 A4 W SEEE AL 11
SR 2% (5= 0.53,P <0.001). BL, AT LN MERFIEREZ L 25, d et
VA SKEEAL R ARG . T3, AT AR RHIEIX 2R i

Table 5. Results of SEM path relationship test of purchase transformation influence model
F< 5. WEFHUFINRE SEM BREXRAKINER

AR R Estimate S.E. C.R. P
MPz5RE <-e- AR VLR 0.728 0.05 12.209
T S H A < ML TR E 0.144 0.061 1.971 0.049
W S H A <--- Mrz5E 0.53 0.079 6.734

4, BFHRIEER
4.1 EYMKELER

N7 KR, AT FUARYE Aiken & West LT 4 N AT IS AR ST, {4 FH YR [F1 U5 (Hierarchical re-
gression) 7. HI T AR A AEAE AR 2R 1 O IR, TN A1~ 5 12 S0 DR 1 1Y) 22 T 2R B 2 TR AR AR AR AE AN
B2 EILANE, D, BT AT I A B (B P 2 5 kAT T O AR . Dy T R B A
WEESREEN 5 5 BRI, ASHIE FOR 2 AR s A A A SRR TR B — O TR ML T AT
AR 6 25 R B R MM FRREX H P2 5 A B2 MBRER- (b = 0.706, P < 0.001), f&iX H1 53|
XEF. N TSP 25 BN R AR S AL R I o, AR SO A = A P 2 5 R — IR
K P25 B RGN M5, ZRT [EE REAREK T H P S5 FE R R 2 A W S A #2 2 [
M2 R &R, I RHIEAARR TR RW T . SRER, HFPS5E0 X0 R

Table 6. Hierarchical regression results of hypothesis testing
< 6. BRI EXEYILER

T R Mrz5e W S A e
BRSO M M2 M3 M4 M5 M6
5 0.019 0.011 -0.003 -0.044 -0.074 -0.043
=i 0.072 0.072 0.065 -0.047 -0.044 0.013
A5 B 0.057 0.019 0.012 0.011 0.02 0.049
e -0.023 -0.033 -0.021 0.052 0.075 0.049
ek pES -0.149™ -0.097™ -0.084" -0.102 -0.086 -0.206
AG 0.706™ 0.466™ 0.424™ 0.484™
MSCM 0.41* 0.352"
AG*MSCM —0.143"
cY 0.607" 0.426™"
CY? -0.29""
F A 52.689" 70.841" 64.908™ 33.707*" 35.231™" 21.050™"
R2 0.488 0.6 0.611 0.379 0.427 0.308
AR? 0.473 0.112 0.012 0.363 0.048 0.008
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Hfi(b=-0.29,P<0.001), BEEAPIH 2 U BKR, H2 BRISCR. HIHS SEMER A ML R
AR U R R0 2, AR R M S A R eI AE I 2 5 R g N ok, HEER 2
SRR EEE, ZIE AR RN R RIS .

-

- .-
P L
.

Sy Lty
7.00 L i . éffg
R2ZiR=0.407
s L
’ ~
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Figure 2. Influence of user engagement on purchase conversion rate of college students

E 2. AR£25EMERFEMIRURNZMN

PRI HH BA R ARZR S R, WnlE] 3, JRTHE M SR 0B 5 i R N S AL R 2 TR T 2 55 2R

ZH =052 + 1.78CY - 0.13CY? 1)
CY = 0.586AG + 2.046 )
ZH = —0.042AG? + 0.741AG + 2.578 3)
CRETE
Ag-_2a___ 071 oo @)

b 2%(-0.042)

T LI R AR A VA B (AG) I T 2 5 B (CY) I R A A7 FH T4 R i e 182 2 A P Dy S
HZR(ZH),  [RIBANVEA SRT 5 P 0 W) SIS AN 3 AP AE B AR LR RO, T OB AR F LA ol x5 U
R r) T E A, YRS AG =8.82 B, SN A i = (ZH = 5.83), 4 AG <8.82 If, HIkiR
JESETE D AS HEHE I O AR SG, HESN SRR K MBI 1% R (AG > 8.82) 5 AR A AR )
SR RSB RIS, SRR T .

4.2. AP

K H Bootstrap =& S EE ) 5 IERAE RS IAEAE, AT EI R4 7 f15% 8. ML VLR E T
FH P 25 5 o v 5 A g SIZ 2 A S5 PR 1) 122 3008 BT (b = 0.2604, 9596 ) i 25 A% 1E B 17 [X [7][0.1844, 0.3485]),
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Rk, W25 EAEME SRR S R RN KA R Z TR 7 A fE A, H3 oE.
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-0.042*x*x+0.741 *x+2.578l

3.0 50 70 9.0 1.0 130

AG

Figure 3. Influence of personalized algorithm intensity on college students' purchase conversion rate
E 3. MEUEEEE N SREEMEE LR

Table 7. Mediation model test results table
F 7. PNMRBRNERE

i ~ 9506 B {5 X [a]
b= HPAE TREER PR IR FEXTBNAE
TR LR
BRI 0.4012 0.05 0.305 0.496
ez YA 0.2604 0.0418 0.1844 0.3485 0.649052841
BB 0.1408 0.0479 0.0484 0.2308 0.350947159

Table 8. Total effects, direct effects and indirect effects breakdown table

8 BN, BN IEER SRR

. E/REE 77 REEEME
SRR A&
R2 14 F A& t 18 KA

T S LAk R A F LR 0.2525 113.8387 10.6695 0.4012*
HFE&s5% A FR R 0.4573 283.9834 16.8518 0.5859™
AL 0.3787 102.4142 3.0213 0.1408™

T S LAk R
Hrzs5% 8.2624 0.4445*
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4.3. FHHERLE

FEHEAT VT RONAT I, A 7 kA8 BT 2 A 3L 2t , A F-AF T 0T 7 A A8 FL IR A% & (B A4 5
FE . PS5 H P RS FEFEEAT T o0l B8 M3 IR B B 5 P B ok
A BIUE, AL SR B F P B AL O FE I sz e AT SR i 25 (b = 0.424, P < 0.001), HA
PEAL SRR FE 5 P R RA SR T B A8 HL I 42 3% (b = —0.143, P < 0.001), {5 ¥% H4 15350 #F . ¥ 5] 4 &R,
M PR R R, MECEERE S S5 RN RRBONT, A P BRI BEAL TR
KR, AN SRR 5 25 B O RO BELN .

06 g R BERA IS
0.4 oo dbee P RRAL TR

0.2 -

0 -

-0.2 w

Mrz5E
\
\

-0.4

-0.6 /
-0.8 7/

-1 7

-1.2 ¥

-1.4
R A A A 553 5 JEE e AV B e

Figure 4. The moderating effect of user privacy concern on the intensity of personalization algorithm and user engagement

Bl 4 AR R MER SRR 25 5% 2 MR T £

5. &RVE5RT
5.1. FEMARER

AT GHARLE RN RAT AR, SRR TR EE MR P RIA S 5%, 3
TS F W SERAL R P2 “XTI8” MR, FFEE— PR R T H 7 BaRA T FEAE MY A SRk 0 L i
WP 25 R ER . AU TCIESE 7 HIEWRE N S 517 00 TI8IA 5, BEiH 2 e e ii
Wah 71, MR EAANGURBCERFE, Il T BT UK LA 8.

1 M SRSR L AP TR 2 108 TRt A P 2 5. A8 A K 2 Wk 7T MEEIERE S
MR Z5ERAIEIEM K. AEEESANEIEE 2 )5, WA S SEF LR, R alE el s 55
B AR T A S Pk, BRESRR S AR BRENKRES SRR RE LMK, T
AR T 2R BRI A AR A, R SEERAT IR RN AR

2. 2 55 PR S A A 2 1R S i 52 B e (i ) ) £ U R T 250G 2R 4 3 1 B 0K T £(—0.13)
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WoR T H P 55 B S A SR AR AL S L. 2% E H IS 5E 8 —E RE(CY = 6.85)i, 1]
e I TRSIE ST, N ECCEBIEE N ILFRIENH, SEHNREE S SR IMATH R . 5%
Mo, AMEEEREE R A SIS AENHE P 2, M P S 50T KR 5] 0 S
SRR R BRI S 5 m T R KT IX K (AG = 8.82)I, XFhZ 5 5| & s 4 KK
S 2% 5 B AL FRART B K

3. /'S 5T S50 5 W S A 2 2 TS R AR o AP BV 5 0T ) ST A S 11 A
RMi N 0.4012 (P < 0.01), FHerb (Al 5 EE 64.9% (b = 0.2604), ELIERIN (5 L 35.1% (b = 0.1408), EiE
TH PS5 AL Y Z 0 AL XA 1 E U B2k bR, P2 5% CY =6.85
N (AG =8.82), TWLHe4b4% ZH 1A FEE 0.85; MBI IZHEIE I, FVEHETE AL 15 18 B0 RN R R FRL £ R
HEFT, SBEENER T, X R EIEREE SRR, I 2 0 {5 220 o 2 i el R R
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