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Abstract

This paper analyzes social media data to explore the attitudes of the Chinese public towards Al-
generated portrait images, providing theoretical support and recommendations for the subsequent
development of Al technology and its application in e-commerce. This study employs text mining
methods, utilizing semantic network analysis of social media text data to identify public concerns,
assessing public sentiment orientation through sentiment analysis, and ultimately revealing the
main reasons behind positive and negative comments through topic clustering. Discussions around
Al-generated portrait images in 2023 exhibited fluctuating characteristics. 76.84% of comments
expressed positive sentiments, primarily attributed to: (1) satisfaction with the quality of existing
Al-generated portraits; and (2) optimism about the future development of Al technology. Conversely,
19.02% of comments expressed negative sentiments, primarily due to: (1) insufficient detail in cur-
rent Al-generated portraits; (2) concerns about China lagging behind the US in Al technology; (3)
fears of Al technology replacing human labor; and (4) legal issues surrounding Al technology and
its potential impact on the art employment market.
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Figure 1. Research framework diagram
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Figure 2. Trend chart of comment quantity and ai-related hot search queries in 2023
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Table 1. Top-10 keywords of the semantic network
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Figure 3. Modular analysis diagram of semantic network
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Table 2. Top-10 keywords of different modularity in the semantic network
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Table 3. Topic clustering results of positive comments

F 3. EETILHERMBERLER

TETHT PR F) 32 R A AR 5 21
T Al AR RS R AR L
P | HL IE Jri R iy
FRFW A 1. EEMR. XREA? 2, FRIREBW . FREIEXE Al RS, A2
T R AL BRI EERE
KA BA FH KIE ey A
1. BB m AR BR, ORI AU d BFR R 2. 20 IU7ER SRR, A T8 RE

AR maai. AT LRI B e (R BRI
= AR AT TR
X4 4 sk it el HA
gy L SRR R 2. DT ORI T . 3, ATHIEEER AR
TR

DOI: 10.12677/ecl.2025.144876 182 TR 4TS


https://doi.org/10.12677/ecl.2025.144876

fT

gk
TPy Al B AR N ETSIRZ]
K KIE i Al P R
T 1. — P P RS . 2 —RUTIRAE AT S (58 3. AL PR ST REZ S8R 10, BIAE

RENS S48 IF A T A 48 SR K BB A «

Ty G R AR thRE AR AR TS K I
SRR IR ES S S A i Ht
REM = 1. JFES . 20 RESR Nt fF. 3. RKRYIRIESE 1 chilloutmix 55

PR R REEE R AL 4 Pros: BB 1 0 H R E A A L (0T AIRES), E8 2 3 R S5e E
Al FRTEFRAEME, T8 3 WHRIRE S (A FEAUFIAGE), 8 4 5RIEXS Al BURZARAT WAL 48
Do IXLEPFR M T2 AKS Al BRI SRR X AL RIEE LR AT Mgl b ) s o
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