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Abstract

This paper explores approaches to enhance the efficiency and accuracy of green credit risk assess-
ment by constructing a comprehensive evaluation system based on big data. A sample of 470 listed
companies in China was selected, with the SelectFromModel used to screen key indicators, and the
SMOTE oversampling algorithm employed to address sample imbalance issues. The research find-
ings indicate that the machine learning model utilizing the Random Forest algorithm is more suita-
ble for assessing green credit risk.
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Table 1. Indicator importance score table
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Table 2. Green credit risk assessment indicator system after screening
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Table 3. Data distribution before and after SMOTE balancing
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Figure 1. AUC curve of three models
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Table 4. Comparison of prediction results across models
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