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Abstract

With the deep integration of the digital economy and new media, short video platforms have be-
come an important channel for the public to obtain financial information and participate in invest-
ment discussions. This study focuses on the online comments of Bilibili financial videos, aiming to
analyze the content characteristics and user emotional tendencies of financial video comments
through text mining techniques, and construct a video popularity evaluation model. The research
methods include the LDA topic model, SnowNLP sentiment analysis, and TF-IDF feature extraction
technology. Through systematic analysis of high-quality review data, this study reveals the impact
mechanism of financial content dissemination and provides empirical evidence for creators to op-
timize content production, platforms to improve recommendation algorithms, and investors to
grasp market sentiment. The research results indicate that positive emotions dominate in com-
ments, and users hold an optimistic attitude towards the overall financial field, but remain vigilant
about specific issues and potential risks. There are significant differences in emotional tendencies
under different themes, and high-frequency word analysis reveals the dual psychology of users
when discussing financial topics.
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A, AR ERE S H — RIANC T . B IAACHEWTIL R, AR BE SRS HE TR SORS S & P B R
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Bl A39F T B RN 5 1 P R AN [ I 8 340 R SRR S

SnowNLP 15 & HTE A — KL N SR BT Python SCARKLHRFE,  FE rf SCSC AR 18434 )7 THl Je
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R G ) T A0 . SRR R SCTE BRI R & S 3R A S DA o B 4 SR B v R
SnowNLP 15 &7 A1 BE 5 A7 RUNLXT T SOCA B I T K R A R [7], HLRIE R R AP 425 1 D9 g st il
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TF-IDF FRFAESRIGE — MRS S A 3R A SCA T2 AT 22 B BTN A o AR I T 5538 1
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Figure 1. Flow chart of data crawling and text mining
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Table 1. Word frequency statistics
= 1 iAngeit

e AR A LHb
i) 758 238
el 232
25 225
% 206
5t 157
ik 156
X 147
AT 136
M2 128
Al 116
TAE 113
Ttk 108
FET 108
S fil 105

DOI: 10.12677/ecl.2025.1441158 2487 HLF- 1 45 VF 18


https://doi.org/10.12677/ecl.2025.1441158

BROTHIE, REEER

sk
N 96
it 93
17 90
2 89
RRe 88
e 84
BEA 84
Al 82
Ji 5 82

<
T
'EH_
&

1').1 Iﬁ*&

Figure 2. Bilibili finance video comment high frequency word cloud map
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onerence = og—— -
i=1 j=itl gC(Wi)-i-C(Wj)

Perplexity = exp[
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Horp V2 A AR, Cwi, w))2 0] i i1 o) FEEILREL  C (wi) M1 Clowy) 2 i B
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Table 2. Model evaluation metrics under different numbers of topics
% 2. TEIEEHE TREITEHIERR

FHHCE K VRl 2 EUE B
2 855 0.39
3 720 0.43
4 738 0.37
5 750 0.39
6 774 0.40
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Figure 3. Line chart of perplexity under different numbers of themes
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5% 1. saliency(term w) = frequency(w) * [sum_t p(t | w) * log(p(t | w)/p(t))] for topics t; see Chuang et. al (2012)
2. relevance(term w | topic t) = A* p(w | t) + (1 - A) * p(w | t)/p(w); see Sievert & Shirley (2014)

Figure 4. Visualization results of LDA model with theme number k =3
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Table 3. LDA topic categories and feature word weights
7= 3. LDA /P RFHEIRNE

TG G bR 5F G R
REAE 1] &S RFE ] & RFE ] S
I it 0.0217 FET 0.0202 g 0.0052
25 0.0177 TH 2 0.0115 Bt 0.0130
DiE7] 0.0115 TAE 0.0098 IR 0.0112
% 0.0202 ot 0.0090 B 0.0076
FEx 0.0137 gEpe 0.0070 Ak 0.0101
e 0.0066 i 0.0056 % 0.0202
KIE 0.0069 h 0.0206 h 0.0206
AT 0.0124 ERN 0.0080 A 0.0067
it 0.0112 7 0.0099 IZE R 0.0063
3.3. BRSO AT

3.3.1 HBRg S

T T BRI U0 SCA R S BT, RESS AT B ERATIR S AL X W i R i S AR . 12
B AR 5 AL BEEOREAT TG O SN GG RO, B L R 8 o A AR Aka 5, AT AR DR e S i Mot
SCHE, LT PR SRR . Wash S MANAT RIS RN . BT R ik 4 P

Table 4. Statistical results of sentiment distribution in comments

=4 RS BHRITER

e R (%) FIT 4 B 4 L (%)

U 25(0.6, 1.0) 2824 65.61%

15 44[0.4, 0.6] 371 8.62%

THRIEZ (0, 0.4) 1109 25.77%

—#%(0.5, 0.6] 258 5.99%

BRI 4r B it H11(0.6, 0.8] 301 6.99%
1/%(0.8, 1.0) 2265 52.63%

—f%[0.4, 0.5) 619 14.38%

IR B it HEE[0.2, 0.4) 214 4.97%
=10, 0.2) 647 15.03%

VRS EE b, B S 2 S T S A7, o5 E X 65.61%, i AR 45 (VF4r > 0.8) 5 52.63%,
S P R I 15 A SR R A T . X AR B IAE =N, H—, R P s SR
PRI B i YA, 0 o SR r [ A 4 BRESBF H 1 51 AT B R IR T AR BN, A PR R “2024
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FON T AN AR RO R, R e i i A 5 4t 3 AN e PE R R EE . B, A P R
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AR, S PO AR TRl SR RS L, (B0 A T AT 2 XU TS PR A5 45
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Wik sl i S s, Sk Z W AR . B, AR B I SR AT BORVE RS CORAEAEARAT
AR—HKTH, FEGERRATER, JERSERT . 7 XEPHLIEF DME BALE N T, B R W
Mo VRIS S HIAEAER Y, F8 20 HI P AR R W 22135 RU RS R P BRAE M 20 UAS B2, st i FE IR 4 Rk .
R—UUEACA TR T HE N TSRS, BT aNEESEN T EZEMAEE,

LRE I NTRM], PRI AR A LA R, (AR BT OGTE . BT, ARTFUIR I EAT
B B, @UEhESRMA R, FeRl e BORR B BT 2 s ], s e SR
Hk, BOBORBCRIBUSE, A EE WG SV m AL, B 0R AR S 5. Ba, FXE AN
5AEE, TN G AR AR HE 91 S BN A E . XA BRI P R IR
BN FECHEE TSI TS %, RKATE G HE 2 ROIRNRIE.

3.3.2. {ERRFHES

IRNTZR SRS, H SnowNLP BiALE M IT ST TS 2 Wil . dbsifE, PPie WAL (=0.5)f1
H%(<0.5)FiZ, Zr AR AT, HBosAS A I P RIB SN S OFARIE, NI AN 2R AL SR AR5
PRSP, 454 LDA FERRRA 3 K E5, A SnowNLP 4 ik, 2550 5. w0, =288 s
SR 25 S . b R U RS B 6 (0.9318), AT Ve A5 E AR, T g PRI I
EXF S RAENE; “HERAEF” £k (0.8365), ARILH X EEREF IS RIEFE 0 “EME
7 F AR AR(0.5664), FH X E NG5 R EA AR BN M . IR R A 4 i 4 3R A AR
Hilk, ASFE R P M.

6 SRR, BRBEERHEAZEh TEERECE. EFREXRAEF 0 “HE” “EH” “&
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Table 5. Sentiment orientation of three topic categories
F 5. =L FIIFRME

F i SnowNLP 17 844 1]
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Table 6. Consumer sentiment words and TF-IDF weights (top 15)
< 6. HZBEBFLEFHER X TF-IDF 1 E (/7T 15)

R 1 4 TR
R 1] TF-IDF #{ & R 1] TF-IDF &
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el 0.0125 Hh s 0.0092
TAE 0.0123 BRAT 0.0090
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ETT 0.0114 L 0.0083

WUSL(In B TR CIBBT ) XX RS 1R AR TR I 20 1 R XL B . — Ty T E 5K
LR RIS L, 51— T MR LSRG R .

FIRAF IR AT R AT 7R T R AR I 28 08 0 C BRABT 7] 7 5, SRS HE N AR R S T P I
HIZhA KR F XA S UCEFTEEZE 5, BERm T H RABGR . DA & 0] 5 BCE I 2 25 0%
T, R W] T RS 2 A B (U 2 W28 B XGRS 1 42) S 2 R i Y 15 46 0

4. &
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