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Abstract

The rapid development of the Internet has brought both opportunities and challenges to major sce-
nic spots. Many people search scenic spot reviews on the Internet and choose destinations according
to the reviews. By analyzing tourists’ comments, tourist attractions can better find problems existing
in scenic spots, so as to propose corresponding solutions, thus improving tourists’ satisfaction and
travel experience. This paper uses crawler technology to crawl the user reviews of scenic spots in
Nanxun Ancient Town on Ctrip, and uses LDA theme model, SnowNLP sentiment analysis and TF-IDF
feature extraction technology to conduct a comprehensive analysis of the crawled review data, deeply
explore the satisfaction and emotional distribution of consumers in scenic spot reviews and under-
stand the core needs of consumers for tourist attractions. It provides data support for the service im-
provement of scenic spots.
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Table 1. Comment data
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Table 2. Word segmentation result show
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Table 3. Word frequency statistics
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[R5 2152
VLrd 708
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5 375
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feisit) 321
e 294
g 250
LS 237
L 212
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M5t 191
Kg 184
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kA 97
sl 93
fiE 89
A Fi 88
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Figure 1. Word cloud map of Nanxun Ancient Town online review
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Figure 2. Plot of confusion and consistency scores as the number of topics changes
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Figure 3. Visualization of the LDA model when the number of topics is 3
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Table 4. Top 20 feature words for three topics
= 4. ZAEFBHEET 20 BOFHER

4 AR [ 4 AR e 4 KA 1] [
1 g 4.08% 1 g 5.95% 1 g 4.41%
2 M 2.05% 2 M 5.56% 2 [F2pE] 4.27%
3 Al 1.69% 3 ANz 3.29% 3 W 3.49%
4 FA 1.41% 4 o8 1.50% 4 1LFg 2.62%
5 HIX 1.26% 5 s 1.29% 5 INEEFE 2.60%
6 e 1.22% 6 NEEFE 1.28% 6 TRHFHL 1.98%
7 sl 1.06% 7 Fise 1.23% 7 s ik 1.69%
8 EEES 1.06% 8 X 1.09% 8 jeisii) 1.52%
9 2 1.03% 9 TrEKS 0.99% 9 SR e 1.51%
10 (E2 0.98% 10 XAk 0.99% 10 XAk 1.46%
11 SR 0.82% 11 LS 0.99% 11 ik 1.38%
12 BEgc) 0.80% 12 — 0.95% 12 X R Bh S 1.22%
13 oy 0.72% 13 /IRIRK 0.94% 13 T T 1.20%
14 1 0.66% 14 TREHT 0.73% 14 KA 1.18%
15 B 0.65% 15 M 0.70% 15 Sl 1.09%
16 —A 0.63% 16 LTI 0.70% 16 Horp 0.95%
17 Y 0.62% 17 K% 0.67% 17 g 0.93%
18 W 0.61% 18 AK 0.64% 18 ihp ] 0.86%
19 yakid 0.60% 19 A 0.64% 19 FRX 0.74%
20 L 0.59% 20 g4 0.55% 20 Fay 0.72%

B R LS A ARAFRCRTT . WA E SRR A N . YR XM
Ak, [ARHRGE VIR RO ULHKZ T L MUK o IR SRRIL. b, YRk Z .
NIRRT B A B B R K £ B ARSI, PRI R KR AN S BRI G R ORE
CORE” TR MRS T T SRR BRSO BRI SZ o ISR A K [ S R Hh i e R v B AR R
M, WK 2 WL, @S BRI L RE SR, It E a0y “ B E AR SRE”

55 TR T BT SRR IR A S PR AR IR AT . M A E RN T . BT . ChE
FE” o W o CBUET L ST . BT L CHET RO B, CONER” AF N BARS
m ARBLTOREE S RE. MR CBUERT L Y L U L IR . U SRR
Wi 20 2 2 P ISERARE . BRI DL MM R DL L. R o e L Rl
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Table 5. Statistical results of emotion distribution
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A (%) BT 45 (%)
AR 2 2655 84.9
MEL A 472 15.1
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Table 6. Three kinds of thematic emotional tendencies
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Table 7. Consumer sentiment feature words and TF-IDF weight (Top 20)
7. IHBEEFEREIAK TF-IDF AE (R 20)

Rt RIS
REAIE 1] TF-IDF A& REAIE 1] TF-IDF #{E&E
A E 0.2012 Eiiiks 0.2678
bl 0.1669 EAIE 0.2012
e 0.1631 bii i 0.1669
HTES 0.1220 B 0.1220
Y 3% 0.1180 2k 0.1180
E<25% 0.1123 E25% 0.1123
ML 0.0865 e 0.1631
pizsy 0.0777 M 0.0865
P 0.0742 1ok 0.0777
i 0.0721 AEE 0.0742
e 0.0715 ITERRZ 0.0927
L 0.0715 M- 0.0865
&7l 0.0686 AN 0.0815
NHFHE 0.0673 %57 0.0772
AN 0.0673 AEE 0.0742
HEE 0.0661 e 0.0729
EPN 0.0651 TS 0.0721
1 0.0644 AN 0.0717
#5712 0.0649 FR 0.0706
SR 0.0525 FEHT 0.0686
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