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Abstract

Online comments, as subjective expressions of consumers towards products and services, have im-
portant research value. This article takes the initial and follow-up reviews of toner products on the
e-commerce platform “Tmall” as the research object. Based on the UIE model, opinions are extracted
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from the reviews, semantic similarity is calculated, and a product feature system is constructed.
Finally, the distribution rules of attention and satisfaction of product reviews are explored based
on the data. The results showed that users were most concerned about the user experience during
the initial review, and in the follow-up review, users showed a significant increase in their attention
to suitable skin types, services, and logistics; The satisfaction with the follow-up evaluation is gen-
erally lower than that of the initial evaluation, with the packaging and design features showing the
largest decrease in satisfaction, reaching 12.3%. This article provides product optimization sugges-
tions for merchants and platforms, providing a certain reference for the healthy development of the
e-commerce industry.
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Figure 1. Research framework diagram

& 1. #REZRE

4. MREMERZH
ASGEBFMT A IEABTRG R, FErt I “IUoK” S R4 AT 180 44 HORT S BT IR

DOI: 10.12677/ecl.2025.1472256 943 TR 4TS


https://doi.org/10.12677/ecl.2025.1472256

&, B MATENE S LR MR EdE, H P PRI EEE SIS AV B TR, RIS R B R AR T
Bo 22 s i3 B (B dn B R AR BUR LB I PEIR), BRI B T R B HI3E 2 T RIS
SERAS TR

4.1 B A mHERF

B, MH UIE BRSNS 28 id Tl AL B R 2 EAT o WS, 9 1 RPFIR I gt AT 70 AL g,
SRS L SR . P2 2. RIS 6 PIRRKMRS I RSB E, 8GR
PRRRAETA, AP R SRR

R R AR BGE T, AT ORI B AR R I Ok, m ARl S R AR e, R AR A
HERTIERRIFR AR, 0 /M%7 “dlb” “—I7 &, BRI R mIEREAT 1L KBk,
I AAFE] 12,796 AL LUK R BRI I BUA o R A T 1 2 AR, Herh SR AN REAUR R A
S HIRHE, FER XTI NI IR R SR BEAT 70 M, ATRESTEE AR Z T YT R, N T m,
0 7 S T AR R AR S5 BT RS B, A L BRI AR AL Bl — D e . I R R A
WG HEY AT 40 (], JEXTEREAT T NTH R, DUEHSE & A TE R VR AN T3, IF K i i 45
RYPUAE A SRR EERFAIE . ADRLEEAFAE 2 ANERERT R dhRAE R, e 1 s, RDREERHIE 32 288 0 oA
ROk, AR, AR5 %h. . Ak @R, RS 5P T DR .

Table 1. Product feature library
=1 EmHEE

AL EEARFAL AL EEARFAL

BT PRERCR, AVKFCR, MR, RAMCR, BEICR
il AR R, B, R, TSP AR, RIEE
A5 st Wk, B, WA, AE

PEA LE frik, PEATLE, T

LS AR, Wil

SN MRz, BUBNL, TR AL
55 5 i WL, RIS

4.2. B EMFHERR

FET KR AR AEE , (] FastText ALK HRIFIRRHET M BAL,  THEPBHRRIE A 5 e
TRV ) PR AR TR R B A A SCARBLRE s R PR R AE 1A 73 2 BIE SCARBLRE w1 O ARE SRR AE o b it
TR i, BRI BN, IR EMRRENS RS Uik BRI
S HRLFE R AR 1) 18] ) R AT 1B SOM L BE A TH 5, AR B S “Urs” e RO AL, IFKZam R
T X AR AR VG o 2RISR 7 SRRLIERMIE . 26 NIRLEERRAE P K 2 AN PFIRRFE
R ) = AR AR AR R, e 2 PR .

Table 2. Product feature system
2. MMFHER R
FERL EERFE AL FEERFALE PEIRKRHIE
Mo Thi ﬁﬂﬁ%,ﬁmﬁ%,?Mﬁ%,%Jﬁ%ﬁ%,ﬁﬁﬁ%,%ﬁﬁﬁ,%e,%Wﬁg,
AR, A ROR PRBFERE, JRECR -

DOI: 10.12677/ecl.2025.1472256 944 TR 4TS


https://doi.org/10.12677/ecl.2025.1472256

I, 1REte

sk
1 PR BRER, ML, WA, WS, AN, G, R, RPOIRE, B, 1EH,
> St SR, VRATE, A
= kil 73 UL 3 N
@,%—‘:J"L&'H_ ﬂj\;“%, @,%, #ﬁ:%, //,_é;:% ﬁﬁi’ #ﬁx%’ Iﬂagml+’a?%’ 7?;'\" 7J<7ﬁ’
I ’ ==
AL ks, PEUYEE, Wk, ik, B, 358, P, PEMEE, NREeeee
R R, BRIE TR, URIE, RO, TEREYR, EEeee
& PR R, BURWL, FE, ORE Wi, K, T, s, B, e
K% 59 YIRS, BIRSE R%, P, WREE, BRSE, W

5. MEiZHES 4
5.1. MEaEBESH

T TSR IO s AR A B AN FE L RRAE AR IE 15 L 1) W s A A R AN (R AR A R A B
R LA P50 T BROPAIZ G i B RIE P BL S R 0 A, G5 5R LK 2, WTLLE H: © Fesz ok
FERRFAE R AR, o5 b 26.6%, AR LEHABRRAE R VF 2 o JPOKAE — ML R R B0 R iy, TP 75 2
e A REAF R X b VPO, BRI P AE IV IN SO B A AR s @ P L D RORTE
A, D 7%, XA RERE ROV SRR AE S AR B “H B 3R, R P A0 Th (s A
U)K BUPE A TR kR, PRI SR A% O TR0 BRI (AR, R B0 2 Al DI RE (PRI . 75 3))

HIEIPEY 7S
FAARIEE B S BB R EEIEN ST
4000 1 3981
I 100
3500 A \/o——‘/
3000 A 8o
2732
2500 2
il Feo X
£ -
‘E'é 2000 %
=]

1500 4 [ 40

1000 4
20

500

™

ERKR

R aL5Et

HERLEE 25

MRS HLIN

Figure 2. The attention to each feature of the product and the proportion of positive reviews
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Figure 3. Proportion of initial and follow-up product reviews, attention, and positive reviews
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