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Abstract

In the current Internet age, movie reviews have emerged as a crucial platform for audiences to
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articulate their viewing experiences and emotions. Meanwhile, they also serve as a vast treasure
trove of data, holding significant value for film creation and online marketing. As competition in the
film market grows increasingly fierce, the question of how to effectively harness the emotional cues
embedded in online reviews and develop precise online marketing strategies has garnered wide-
spread attention within the film industry. This study focuses on the review texts of the top five mov-
ies from the Top 250 list on Douban website. By employing Python web-crawling technology to col-
lect relevant data, and integrating multiple text-mining techniques including the TF-IDF algorithm,
word-cloud visualization, and the LDA topic model, we delve into the emotional tendencies and in-
terest preferences of film audiences. Furthermore, we explore the thematic information underlying
the reviews. The findings reveal that audiences generally hold a positive attitude toward these mov-
ies and show a higher level of concern for certain attribute characteristics of the films, such as plot,
actors, and acting skills. Based on these insights, this paper puts forward targeted network market-
ing strategies aimed at optimizing the marketing approaches in the film industry. The ultimate goal
is to maximize the value derived from user-generated comment text data.
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Figure 1. The top five movies on Douban’s Top 250 list
[E 1. S Top 250 #F R PRI AR

Table 1. The top 20 text feature words with TF-IDF values
% 1. TF-IDF {EHER AT 20 BUSCAHHER

4 TF-IDF E HE4 TF-IDF W
1 M5 0.253 11 =81/ 0.031
2 P 0.138 12 LS 0.03
3 UIPAN 0.082 13 ZF 0.029
4 it 0.071 14 N 0.029
5 MR 0.063 15 IR 0.029
6 AW 0.051 16 F ik 0.028
7 Fx 0.046 17 Hid 0.028
8 B 0.043 18 “ZF 0.026
9 JiR 2 0.041 19 NG 0.024
10 T 0.037 20 5 0.023
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Figure 2. Douban movie user review word cloud map
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HENBE D AR — MR E M, KPR E AT, HEEYMETER. LDA BRI R sEbr B2 R fE
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TR 5 R )] 1 23 A7 A 2 oA, IR o3 A 2 B O o A () — 3@ TR — R BRI RE
SRR .

IzlimﬂﬂE’Jmﬁﬂiﬂlmﬁxfﬁﬂﬁmﬁllﬁiﬁﬂﬁﬁ LDA FE@EAY, ok, FEAEE =ANE R
e WAVER— KPR EE D, HTHEIPREZ RECK, NEGR, %R 1%1%1:‘1’]
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Figure 3. The topic is 4 levels of confusion
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Table 2. LDA topic classification and subject word probability
2. LDA R E R ERIAHTER

F 1 EH 2 FH 3 EH4
RHE 1] BUE RFE 1] BUE RFE 1] & RFE ] S
e 0.292 bl 0.173 Pt 0.113 Jal 0.108
g 0.239 it 0.135 HE 0.095 Rk 0.089
e 0.067 A¥) 0.097 [ = 0.092 AN 0.078
B 0.048 RS 0.078 MAX 0.068 J&GE 0.072
S 0.039 LE 0.056 T 0.053 R 0.06
A 0.024 K iH 0.043 iR 0.047 Eid 0.052
HelfE 0.020 SR 0.029 S 0.045 -5 ¢ 0.043
A% 0.018 e A 0.019 M 0.045 & 0.04
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Figure 4. Affective propensity probability distribution
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