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Abstract

In the era of deep integration of e-commerce and medical health industry, the automatic and accu-
rate classification of medical images has become the core technical bottleneck for improving the
efficiency of online medical services. This paper proposes a hybrid attention network (Medical Hy-
brid Attention Net, MHAN) that integrates the local feature extraction capability of convolutional
neural network (CNN) and the global modeling advantage of Transformer. By constructing a three-
level technical architecture of “multi-scale feature pyramid-dual attention enhancement-cross-level
feature interaction”, it realizes efficient semantic parsing of complex medical images such as skin
lesions, gastrointestinal polyps. Experiments on two public datasets show that the accuracy of the
model reaches 75.80%, which is significantly improved compared with traditional convolutional
networks and pure Transformer models. Combined with the business logic of e-commerce plat-
forms, this paper deeply explores its innovative application models in online diagnostic service in-
tegration, intelligent recommendation system for health products, and closed-loop management of
medical product quality, providing a complete technical solution and commercial landing path for
the intelligent upgrade of “Internet + Medical Health”.
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3. SERIESMREDHR

4 T P4 A S T HE R AT 7 /1M 4% (Hybrid Attention Network, HAN)ZE B 22 BUE 7> 24F 55 h il A
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0.5). 10°LAPNRIBENLIESE . 72/ 5o b EE R B (FE 1 £0.2) 4w 5 F B, IR IREIA— L = [-1, 11X /8]
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B4, 7E 1SIC 2018 /NFEA 73 FAT-55 1, MHAN BRI FEA AT ] 70% Il R AR i A5 5L T T3 A F] 1 75.80%
IHERZR, FHEL VGG-19 BERIFETH T 10.38%. X — &5 BEAMAREL T AT B B 70 A FRFE A 25 1F R 1o Kz
EETT, IR T ITF% 5% =) HEWE 5 £8 RO 2R oR B5UTE S A 288 T AN S48 100 838 7 T 0 288012k
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TEZ RN R R R IHE T IE L RER DL . AR AR R AR 2 WA vk 7 B 2= UG K s
WA IR AR /INEARZ A RE I R I 1), oA BRIT R 3 5 T IR i W S B e et 1k, W&
M AR SR

Table 1. Dataset information
=1 BIREEER

HAmsR AR Ko PETTEE S FNE
ISIC 2018 10,015 7010/3005 7
Kvasir 4000 2000/2000 8

Table 2. Comparison of different methods on ISIC 2018, Kvasir datasets
2 2. f£1SIC 2018, Kvasir HEE LB AR 5%

Hom ISIC 2018 Kvasir
P (%) R (%) F1 (%) ACC (%) P (%) R (%) F1 (%) ACC (%)
VGG-19 [9] 63.71 60.89 61.83 79.25 77.86 77.83 77.75 77.75
ConvNeXt [10] 64.90 62.06 63.24 79.96 74.78 74.64 74.61 74.60
DeiT-B [6] 47.19 44.09 41.01 72.31 56.72 52.29 48.48 52.15
ViT-B [5] 64.16 60.52 60.93 78.32 74.46 73.25 72.40 73.25
MHAN 73.35 75.80 73.01 75.80 75.83 75.62 74.76 75.62
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R BIBIE I IR, FEAR R AU 5 G fid A = i 2 AL«

R 5 E SR MR B BT S (R I P B 2548 8 L R BE), I HERE QIR A
(R g B k), I AR E B (R LR T R BT AR
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TSR S FH P A R R AP PR (U 5% TS RS T &5 SRR o & BRI R A R 1), S
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